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Abstract

Honesty is perceived as fundamental to societal functioning, motivating education
systems worldwide to enforce strict oversight and heavy penalties for dishonest
behavior. Yet much academic misconduct remains unexposed, and its broader
consequences are further obscured by the sorting of individuals into careers based
on probity. Applying advanced plagiarism-detection algorithms to half a million
publicly available graduate dissertations in China, we uncover hidden misconduct
and validate it against incentivized measures of honesty. Linking plagiarism records
to rich administrative data, we document four main findings. First, plagiarism is
pervasive and predicts adverse political selection: dishonest individuals are more
likely to enter and advance in the public sector. Second, dishonest individuals perform
worse when holding power: focusing on the judiciary and exploiting quasi-random
case assignments, we find that judges with plagiarism histories issue more preferential
rulings and attract a greater number of appeals — effects partly mitigated by trial
livestreaming. Third, dishonesty spills over across judges and between judges and
lawyers. Fourth, exploiting the staggered adoption of detection tools, we demonstrate
that enforcing academic integrity leads to modest improvements in future professional
conduct.
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1 Introduction

Institutions act through people. Organizations, rules, or social norms play a fundamental
role in influencing behavior, but they are ultimately created, maintained, and shaped by
the actions of individuals (Knack and Keefer, 1997; Bertrand and Schoar, 2003; Caselli and
Morelli, 2004; Besley, 2005; Jones and Olken, 2005). Whenever discretion is required, the
effective functioning of an institution hinges on the personal probity of those entrusted to
uphold it: judges rendering impartial decisions; tax officials accurately assessing liabilities;
politicians crafting policies in the public interest; CEOs transparently disclosing corporate
finances; NGO managers directing resources to their stated objectives; researchers faithfully
reporting their findings — and so on. The demand for probity is particularly acute in the
public sector, as surveys worldwide consistently identify “dishonesty” as the most prevalent
criticism of politicians and civil servants.’

Given the high value placed on probity, most societies strive to screen out dishonest
individuals and instill strict ethical norms from a young age. Education systems worldwide not
only promote these values tirelessly but also enforce stringent oversight and severe penalties for
academic misconduct through honor codes. Under such codes, a single instance of plagiarism
of academic work can easily result in expulsion, and even celebrated professionals risk public
disgrace years later if past misconduct comes to light.? Despite such high-stakes rules and
their perceived importance, there exists little rigorous evidence on the prevalence of academic
misconduct, and its long-run societal implications.

Empirically studying this topic is notoriously challenging. First, there is an obvious data
constraint: to determine whether academic misconduct predicts future outcomes, such as career
trajectories or unethical professional behavior, researchers must observe previously undetected
academic misconduct — otherwise one would not be able to disentangle the effects of hidden
dishonesty from those of punishment following detection; however, by definition, undetected
academic misconduct is oftentimes unobservable to researchers. Second, identification is also
challenging: to assess what societal costs arise when academically dishonest individuals occupy
positions of responsibility, one must compare their performance with honest peers in identical
roles, yet these two types of individuals tend to endogenously sort into diverging career paths

and undertake incomparable tasks.

'For example, see: PEW global survey.

2Some high-profile examples include Martin Luther King Jr., whose doctoral dissertation was found to
contain plagiarized passages; former Harvard president Claudine Gay, who resigned in 2024 following scrutiny
of her dissertation and published work; U.S. President Joe Biden, who acknowledged plagiarism in a 1965
Syracuse Law School paper — an issue that resurfaced during his 1987 presidential campaign; and several
European politicians — including Germany’s Karl-Theodor zu Guttenberg and Annette Schavan, as well
as Hungary’s former president P4l Schmitt — who lost their doctoral titles and government positions after
plagiarism investigations.


https://www.pewresearch.org/global/wp-content/uploads/sites/2/2024/03/2024.03.13_democracy-open-end_report.pdf

In this paper, we examine China — the country with the world’s largest higher-education
system and state sector — and tackle the empirical challenges outlined above to uncover
previously hidden patterns of academic dishonesty and assess their implications for society. We
construct a novel metric of academic misconduct by applying recently developed plagiarism-
detection algorithms to more than half a million publicly available graduate dissertations. Each
dissertation is scanned against the entire pre-existing academic corpus using advanced text-
matching techniques that capture not only direct plagiarism but also paraphrasing and partial
matches, while filtering out false positives such as quotations from canonical or authoritative
works. Because dissertations are compulsory for graduation and legally mandated to be
public, our approach provides a clear, comprehensive, and objective assessment of high-stakes
violations of academic integrity.

To validate this measure, we link it to original survey data that we collected on the traits
and beliefs of experienced professionals. Importantly, we find that dissertation plagiarism
is most strongly associated with dishonesty elicited in incentivized cheating tasks (Hanna
and Wang, 2017; Barfort et al., 2019). It is otherwise (a) generally uncorrelated with stated
dishonesty measures (except for the stated acceptance of academic misconduct); and (b)
marginally associated with neuroticism and disorderliness, while remaining uncorrelated with
other personality traits such as opportunism, ambition, risk tolerance or pro-social motivation.
To a first-order approximation, dissertation plagiarism appears to capture an individual’s
underlying propensity for dishonesty. Nevertheless, to remain conservative in our interpretation,
we refrain from broader generalizations and consistently refer to our measure either literally
as plagiarism history or, in effect, as academic honesty — understood as a realized behavior
rather than an ez ante trait.

Drawing on this novel measure, we document a series of empirical findings. First, we link
plagiarism in dissertations to comprehensive rosters of public officials and document systematic
adverse political selection on probity. On the extensive margin, we find that 19% of public
officials in our sample exceed the 15% plagiarism rate — the most commonly used official
cutoff for degree conferral — a prevalence significantly higher than the 14% average for their
private-sector counterparts. On the intensive margin, using original and comprehensive data
on civil service career trajectories, we find that within the public service, exceeding the 15%
plagiarism threshold is associated with a 10-15% faster promotion rate. This effect remains
robust after controlling for seniority, experience, and educational background.

Second, motivated by the prevalence of academically dishonest individuals in the public
service, we examine the consequences of placing such actors in positions of power. We focus

on the judicial system as a proof of concept — a neat context in which high-stakes decisions



on similar cases are regularly assigned to different judges.®> Using more than 140 million
publicly available court verdicts and exploiting quasi-random variation in case assignment,
we show that, for otherwise identical lawsuits, those adjudicated by academically dishonest
judges — compared to those handled by honest judges — yield significantly more favorable
rulings for well-connected litigants, exhibit higher rates of procedural irregularities, and
experience more appeals. These patterns — suggestive of corruption and bias — are further
corroborated by subsequent higher probabilities of corruption investigations and disciplinary
actions. Interestingly, these effects vanish when trials are livestreamed to the public, indicating
that transparency can help constrain dishonest behavior.

Third, we document spillover effects associated with probity: (i) new judges assigned
to academically dishonest senior mentors gradually assimilate their ruling patterns; and (ii)
lawyers with a history of plagiarism become differentially more effective than their academically
honest counterparts when their cases are exogenously assigned to judges with plagiarism
histories. These findings suggest the existence of multiple equilibria in social norms of honesty:
as a larger share of peers behave dishonestly, the relative cost of remaining honest increases.

Fourth, we examine how enforcing academic integrity in schools affects both plagiarism
and subsequent institutional performance. Exploiting the staggered rollout of advanced
plagiarism-detection tools across Chinese universities during our sample period, we show that
these tools significantly reduced plagiarism rates. While part of the effect reflects increased
bunching just below the official cutoffs for degree conferral, judges from cohorts exposed
to stricter anti-plagiarism screening ultimately deliver less preferential rulings — suggesting
that adherence to academic honor codes can foster long-term probity, consistent with a
habit-formation interpretation.

Taken together, our findings imply that academic dishonesty is widespread in society,
especially among individuals holding key public service positions pertinent to social welfare.
Without adequate screening at the selection stage and sufficient on-the-job checks and balances,
these academically dishonest individuals can impose significant costs on society — both through
their own unethical behavior and by influencing social norms that, in turn, shape others’
actions. Stricter enforcement of the academic honor code, potentially aided by technology,
appears to be an effective means of countering such biases.

This paper relates to three strands of literature. First, it contributes to prior work in
economics on probity, where scholars have long argued that individual honesty underpins

institutional functioning (Knack and Keefer, 1997; Besley, 2005; Fisman and Svensson, 2007).

3Judges are a specialized category of civil servants in civil law countries, including China. This contrasts with
common-law systems (e.g., the U.S. and U.K.), where judges are typically appointed from among experienced
lawyers and are institutionally separate from the civil service. Accordingly, throughout this paper we use
“public official,” "public servant" or “public service” as broader terms that inlcude both judges and other civil
servants.



A burgeoning literature has also devised creative ways to elicit honesty in laboratory settings
(Gneezy, 2005; Fischbacher and Foéllmi-Heusi, 2013; Abeler et al., 2014), demonstrating
correlations between such measures and economically or politically relevant outcomes (Hanna
and Wang, 2017; Barfort et al., 2019; Olsen et al., 2019). Our paper advances this strand by
constructing a real-world, high-stakes, and objective measure of academic honesty based on
521,546 graduate dissertations — an approach that is potentially scalable to over ten million
post-secondary degree holders in China and beyond. In a related and important study focusing
on the private sector, Fisman et al. (2025) document a strong correlation between doctoral
dissertation plagiarism and corporate malfeasance among 271 publicly listed company leaders.
We complement this work by investigating the public sector and by providing causal evidence
on the societal consequences of academic dishonesty once individuals assume positions of
power. In addition, we present survey evidence showing that past plagiarism strongly predicts
current honesty in incentivized tasks (while also reflecting traits such as neuroticism and
disorderliness); document spillover effects of dishonesty through social norms; and show that
stricter enforcement of academic honor codes can modestly foster long-run ethical behavior.

Second, our findings speak to the long-standing economics literature on corruption, which
emphasizes both the conceptual importance of corruption for development and the role of
institutional features in shaping corruption levels (Shleifer and Vishny, 1993, 1998; Mauro,
1995; Besley, 2005; Fisman and Gatti, 2002; Svensson, 2003; Fisman and Svensson, 2007).
This body of work has been increasingly complemented by micro-level evidence (Olken, 2007;
Bertrand et al., 2007; Ferraz and Finan, 2008, 2011; Brollo et al., 2013; Avis et al., 2018;
Chen and Kung, 2019; Colonnelli and Prem, 2022). We contribute to this line of research by
highlighting the role of individual virtue, providing new evidence that dishonesty in schools
predicts long-run behavior in public office.* Moreover, our investigation of peer effects and
social norms in shaping corrupt behavior extends a literature that has traditionally adopted
an atomistic perspective on corruption.

Third, our findings contribute to the literature on political selection, which highlights the
roles of institutions, intrinsic motivations, patronage, pecuniary incentives, and preferences
for stability (Caselli and Morelli, 2004; B6 et al., 2009; Besley et al., 2011; Ferraz and Finan,
2011; Buurman et al., 2012; Gagliarducci and Nannicini, 2013; B6 et al., 2013; Banuri and
Keefer, 2016; Xu, 2018; Colonnelli et al., 2020; Casey et al., 2021; Weaver, 2021). The evidence
on selection into public service based on honesty is mixed: while Hanna and Wang (2017)
find adverse selection (dishonesty predicts entry) in India, Barfort et al. (2019) find positive
selection in Denmark, suggesting the pattern may depend critically on institutional context

and corruption levels. Our findings from China contribute to this debate by documenting

40ur finding that greater transparency reduces preferential rulings also relates to the literature on how
media mitigates agency problems (Sen, 1999; Besley and Burgess, 2002; Stromberg, 2004; Qin et al., 2017).
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strong adverse selection on the extensive margin—individuals with higher plagiarism scores are
significantly more likely to enter the public sector. Beyond entry, we also document a strong
intensive-margin effect: even after controlling for rank, age, tenure, background, and other
factors, individuals who plagiarized dissertations are significantly more likely to be promoted.
This pattern magnifies their negative impact, as shown in our study. In the Chinese context,
our evidence of negative selection on probity complements prior findings of positive political
selection on ability and evolving patterns of selection based on family background, the positive
influence of which appears to have weakened following the post-2012 anti-corruption campaign
(Li et al., 2024; Ang et al., 2025).°

The remainder of this paper is organized as follows. Section 2 describes the institutional
background. Section 3 introduces the data and presents descriptive facts about plagiarism.
Section 4 discusses political selection on probity. Section 5 examines the causal impact of
dishonest officials on institutional performance. Section 6 exploits the staggered rollout of
anti-plagiarism rules across universities to analyze their effects on academic misconduct,

political selection, and subsequent on-the-job behavior. Section 7 concludes.

2 Background

2.1 Academic Integrity and Dissertations in China

In China, the completion and defense of a thesis is a mandatory requirement for the conferral
of bachelor’s, master’s, and doctoral degrees, making it a pivotal milestone in higher education.
This requirement places considerable pressure on many students, especially those contending
with tight deadlines, heavy academic workloads, or inadequate preparation for independent
research. Before the 2010s — when most academic works existed primarily in print and
plagiarism detection tools were still rudimentary — some students sought shortcuts by copying
material from obscure papers or theses, hoping that reviewers would be unable to trace the
original sources. As a result, despite the Ministry of Education (MOE) and universities’ strong
emphasis on academic integrity — and the threat of severe penalties such as degree revocation
— plagiarism in dissertations has remained a persistent issue.

To address this problem, the Ministry of Education (MOE) began requiring universities
to publish graduate dissertations via the China National Knowledge Infrastructure (CNKI),

a state-owned enterprise that now serves as China’s largest academic database and central

50ur analysis of the rollout of plagiarism-detection tools further suggests that educational policies designed
to screen out dishonest candidates and foster ethical norms can systematically improve political selection along
both the extensive and intensive margins.



repository for graduate-level work.® Through its China Doctoral Dissertations Full-text
Database and China Master’s Theses Full-text Database, CNKI has archived more than 3.4
million theses and dissertations dating back to 1984, with full-text access, daily updates, and
a typical publication lag of about 1.5 months after degree conferral.” Its vast coverage, timely
updates, and centralized access make CNKI an exceptionally comprehensive and powerful
resource for monitoring academic work nationwide.

In addition to archiving dissertations, CNKI has developed and deployed a widely used
plagiarism-detection algorithm — known as the Academic Misconduct Literature Check
System (AMLC) — that enables universities to scan submissions against its vast digital
corpus. Launched in 2008 and initially piloted at select institutions, the system offers advanced
text-matching capabilities and alerts users to content overlaps via detailed similarity reports.
It is designed to detect paraphrasing and partial matches, and even recognizes citations of
classical poetry, speeches, legal statutes, and case materials — reducing false positives and
enhancing precision. Now a staple in degree evaluations, this tool has transformed dissertation
oversight by equipping institutions with a robust, reliable means to swiftly and accurately
detect unoriginal content.

With the introduction of CNKI’s plagiarism-detection tools, adoption spread rapidly
across universities nationwide, and the system soon became standard practice for enforcing
academic integrity. Building on this technological foundation, China has established a formal
framework to deter academic misconduct in higher education. The first foundational regulation
— the “Measures for Handling Academic Degree Thesis Fraud” (2013) — formally granted
universities the authority to revoke degrees and sanction associated parties based ib evidence
for plagiarism. These standards were reinforced by the 2014 “Opinions on Strengthening
Graduate Education Quality Assurance.”® A detailed 2019 policy further clarified definitions
and penalties for plagiarism, fabrication, falsification, and other breaches of research integrity,
enabling coordinated enforcement across government agencies and universities.’

Beyond internal academic oversight, CNKI’s dissertation databases and text-matching
tools have also enabled public scrutiny of theses authored by officials and public figures, with

tangible institutional consequences. For instance, in 2024, Nanjing University confirmed that

6Bachelor’s dissertations are not required by the MOE to be publicly disclosed and thus are not included in
the CNKI database, though they can potentially be obtained upon request from universities.

"Coverage is substantially more comprehensive in recent years, including over 70% of all graduate disserta-
tions from the 2010s. Aside from technical barriers in earlier years (e.g., the absence of scanned copies for some
older dissertations), the missing cases in more recent years typically reflect universities choosing to disclose
through alternative channels, such as other online platforms rather than CNKI. Such missing data occurs at
the university-year level, while sample selection at the individual level remains rare.

8Source: http://www.moe.gov.cn/sresite/A22/s7065/201402/t20140212_165554.html (in Chinese).

9Source: https://english.www.gov.cn/policies/policywatch/201910/23 /content_ WS5dafad68c6d0bcf8c4
¢15981.html.
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the master’s thesis of Liu Sailian, a vice president of the Yingtan Intermediate People’s Court,
contained plagiarism, following a complaint supported by CNKI checks.'® Earlier, Hunan
University announced an investigation into allegations that two former doctoral students —
then serving as provincial officials, including the political department director of the Hunan
High People’s Court — had plagiarized substantial portions of their dissertations.'’ Outside
the public sector, actor Zhai Tianlin had his doctorate revoked by the Beijing Film Academy

t.12 Even Zhang Wenhong, a prominent

in 2019 after an investigation into academic misconduc
infectious disease expert who gained online fame for being outspoken about China’s COVID
control measures, faced online accusations in 2021 that his 2000 doctoral dissertation contained
plagiarized passages, prompting a formal review by Fudan University.'?

The combination of centralized dissertation repositories and CNKI’s highly sensitive text-
matching tools has made plagiarism detection in China exceptionally powerful. Because
nearly all graduate theses are publicly accessible and can be scanned against CNKI’s vast
digital corpus, misconduct — past or present — can be uncovered with a precision and scale
unmatched in most other contexts. As numerous high-profile cases have shown, dissertation
plagiarism is no longer an obscure academic infraction but a high-stakes societal issue, capable
of prompting degree revocations, ending careers, tarnishing institutional reputations, eroding
public trust, and inflicting significant reputational harm. This unique environment therefore

offers an unprecedented opportunity to study academic integrity and misconduct at scale.

2.2 China’s Public Sector

Civil service positions are among the most coveted and prestigious careers in China, a status
rooted in a long bureaucratic tradition that prizes administrative talent and public service.
Historically, entry into government was determined through the imperial Keju examinations;
today, that legacy endures in the modern civil service system, which continues to reward merit,
discipline, and education.

Aspiring civil servants face stringent entry requirements. Applicants must hold at least
an undergraduate degree—often from a leading university—and certain positions specify
preferred majors such as law, economics, or public administration. The gateway to government
employment is the National Civil Service Examination (NCSE), an extremely competitive test

institutionalized in the 1990s to assess candidates’ knowledge of law, policy, and analytical

0Source: https://news.sciencenet.cn/htmlnews/2024/6/524270.shtm (in Chinese).

HSource: https://www.sixthtone.com/news /1004238 /hunan-university-investigates-party-officials-for-pla
giarism (in Chinese).

12Source: https://www.chinadaily.com.cn/a/201902/19/WS5c6bd3f6a3106c65c34ea29d.html

13Source: https://www.scmp.com/news/china/science/article/3146077 /chinas-dr-fauci-zhang-wenhong-c
leared-thesis-plagiarism
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ability. Fewer than two percent of more than a million applicants succeed each year, and
those who pass must undergo an additional round of interviews and background checks before
appointment.

To ensure fairness and prevent corruption in recruitment, the results of the NCSE are
publicly disclosed on government websites. These announcements list successful candidates’
names, university, exam scores, rankings, and sometimes basic demographic information such
as gender, cohort, and major. This transparency has made the civil service one of the most
closely monitored and publicly scrutinized career pipelines in China.

Once appointed, civil servants occupy a central place in China’s governance structure. Even
at the grassroots level, they exercise considerable discretion in implementing policy, allocating
resources, and communicating local conditions to higher authorities. Because nearly all senior
leadership positions are filled through internal promotion rather than elections, these officials
form the talent pool from which future policymakers emerge. The civil service thus functions

not only as the administrative foundation of the state but also as the pathway through which

China’s political elite is continually renewed.

2.3 China’s Judicial System

In China, the judiciary is not a separate, coequal branch in the Western sense but part of
the state apparatus under Communist Party leadership. The selection and qualifications of
judges reflect the broader civil service system: judges are, first and foremost, career officials
(Ng and He, 2017). In the 1980s and 1990s, many were transferred from the military or other
government agencies and lacked formal legal training. In 2002, China introduced the National
Judicial Examination — now part of the National Unified Legal Professional Qualification
Examination — as a prerequisite for new judges, prosecutors, and attorneys. This reform
gradually raised professional standards; today, nearly all newly appointed judges are law
graduates who have passed the exam. Nevertheless, judges view themselves as government
officials as much as jurists. Entry into the profession requires passing the civil service exam,;
judges hold civil-service ranks and pay scales and are evaluated, promoted, and transferred
like officials in other government departments.

China does not have jury trials, and most judicial decisions do not serve as binding
precedent. Judges play a central role in every trial, acting as both fact-finders and arbiters of
the law. They investigate evidence, determine the facts, apply relevant statutes, and issue
judgments. Most cases are decided by a single judge, while a small number of complex or
high-profile cases are handled by a panel of three judges. Even within multi-judge panels, a
single “responsible judge” typically oversees the case from beginning to end and drafts the

judgment, thus significantly shaping the outcome. As a result, the effectiveness and fairness of



China’s judiciary depend largely on the incentives, professionalism, and integrity of judges at

the local level.

3 Data and Descriptive Facts

This section introduces the data sources that underpin our analysis, explains how we measure
dishonesty based on plagiarism reports generated by CNKI's detection system, and validates
this measure against independent benchmarks from an original incentivized survey of experi-
enced professionals. We then turn to supplementary administrative datasets — civil service
exam rosters, judicial case files, and business registries — that allow us to connect integrity

measured at graduation to later career trajectories and institutional performance.

3.1 Measuring Dishonesty

3.1.1 Plagiarism Reports

Our primary measure of dishonesty is based on applying CNKI’s official plagiarism-detection
algorithm to more than half a million graduate dissertations publicly disclosed via the CNKI
platform.'* The system, widely adopted by Chinese universities since the early 2010s, is
designed to detect both direct copying and close paraphrasing, while filtering out citations and
quotations from classic or authoritative materials that could otherwise inflate false positives.

The CNKI system compares the full text of each dissertation against an extensive cor-
pus of pre-existing materials. These include the China Academic Journals Database, China
Books Database, Master’s Theses Database, Doctoral Dissertations Database, Conference
Papers Database, Newspaper Database, Patents Database, Standards Database, Encyclopedias
Database, Web Content Database, Document-Sharing Repositories, Institutional Self-Built
Collections, Work Reports, Ideological /Political Reports, and Project Proposals. Each dis-
sertation is checked line by line against this corpus, and all overlapping passages are flagged.
Appendix B describes the corpus and key technologies used by the CNKI system in greater
detail.

Figure 1 presents sample excerpts from plagiarism reports generated by CNKI. As shown,
the system produces a standardized comparison report that provides detailed diagnostics at
multiple levels. At the aggregate level, the reports summarize several key statistics: (i) the

overall percentage of text identified as copied, (ii) the maximum overlap with any single source,

4Some universities make their dissertations available through other platforms, such as the National Library’s
dissertation repository or their own institutional library systems. These are not included in our sample but
could be accessed and analyzed by future researchers.



and (iii) the total number of overlapping characters and words. These statistics enable us to
quantify the extent of plagiarism for each dissertation in a consistent and comparable manner.

At a more granular level, the reports identify paragraph-by-paragraph matches to specific
sources in the reference corpus. Each flagged segment is highlighted and linked to the
original text, allowing us to distinguish between wholesale verbatim copying and partial
paraphrasing. These paragraph-level flags enable us to construct section-specific plagiarism
measures (e.g., for introductions, theoretical frameworks, analyses, and conclusions), helping
to differentiate relatively minor copying of background material from more serious misconduct
in a dissertation’s core sections.

This procedure produces a set of detailed, replicable measures of plagiarism for each
dissertation, allowing us to systematically quantify academic dishonesty across institutions

and over time.

3.1.2 Survey Data on Experienced Professionals

To examine whether past instances of plagiarism are associated with long-term personality
traits — such as current levels of probity — we conducted an incentivized survey of expe-
rienced professionals in collaboration with an elite legal research institute in China during
its recruitment process. As part of the application for a senior product manager position,
candidates were required to upload their master’s or doctoral dissertations to demonstrate
academic capability; we later used these submissions to detect dissertation plagiarism. After
completing the online application, applicants were invited to participate in a questionnaire
designed to measure personality traits. They were explicitly informed that their responses
would be used solely for academic research by an independent team of scholars, and would not
affect their job application outcomes.

We employed two approaches to measure probity. The first relied on attitudinal questions
about dishonest behavior, providing an indirect assessment. For example, applicants were
asked to indicate their level of agreement with statements such as: “Most people would lie for
personal gain if they were certain they wouldn’t get caught,” “If your supervisor hinted at
skipping a formal compliance registration to save time, how likely would you be to comply?”
and “Some students hire professionals to write their dissertations—how acceptable do you
find such a practice?”

The second approach followed standard practices in experimental economics to directly elicit
dishonest behavior through incentivized tasks (Fischbacher and Follmi-Heusi, 2013; Hanna
and Wang, 2017). Applicants were instructed to privately roll a die ten times and received
monetary rewards based on the number of reported sixes. The rolls were unobserved and

unverifiable—only the reported outcomes determined the payoffs. Because the probability of

10



rolling a six is fixed, reporting an unusually high number of sixes indicates a greater likelihood
of dishonest reporting. This design does not explicitly prime respondents on dishonesty but
allows them to feel comfortable knowing that no one can determine with certainty whether
they are cheating. We use this measure as a proxy for lying behavior.

In addition, we measured other personality traits, including openness, conscientiousness,
extraversion, agreeableness, and neuroticism. The full survey design and questionnaire are
provided in Appendix D.

Of the 443 job applicants invited to participate, 387 completed the questionnaire, yielding a
high response rate of 87%. To test for potential attrition bias, we conduct a balance test across
a rich set of personal and professional characteristics, including gender, age, GPA, scholarship
status, degree, employment status, and indicators for attending a top-tier university or residing
in a major city. As shown in Appendix Table A.2, we find no statistically significant differences
between respondents and nonrespondents across any of these dimensions. This suggests that
attrition is unlikely to be systematically correlated with observable characteristics or to bias

our analysis.

Validation of Plagiarism as a Measure of Dishonesty. The survey indicates that our
plagiarism measure captures a persistent tendency toward dishonest behavior in incentivized
tasks. Figure 2 Panel (a) shows histograms of the dissertation plagiarism score for two groups
in the survey: “High Reporters” (those who reported more than two sixes in the incentivized
dice-rolling task) and “Low/Average Reporters” (those who reported two or fewer). The
distribution for High Reporters is clearly shifted to the right, indicating that individuals
who plagiarized their dissertations years earlier continue to exhibit higher levels of dishonest
behavior today. Strikingly, among the most egregious plagiarists (plagiarism rates above
50%), very few individuals reported low numbers of sixes, suggesting that dishonesty may be
particularly persistent in the right tail.

Panel (b) of Figure 2 visualizes the correlations between dissertation plagiarism rates
and all personality traits elicited in the survey, with all variables standardized to facilitate
comparison across traits. Appendix Table A.1 presents the corresponding regression results
in greater detail. Consistent with Panel (a), dishonest reporting in the dice task strongly
predicts higher plagiarism shares, with coefficients of 0.26-0.30 that remain significant at the
1% level — even after controlling for a broad set of attitudinal, psychological, demographic,
and academic characteristics.

Overall, stated preferences about honesty show limited association with actual plagiarism,
in contrast to the much stronger relationship observed for incentivized measures of dishonesty.
This underscores the value of assessing probity through real actions rather than self-reported

attitudes. One notable exception is that respondents who expressed greater acceptance of
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hiring a ghostwriter to complete a thesis are themselves significantly more likely to have
plagiarized. Given that the dice-rolling task suggests plagiarism reflects a broader propensity
for dishonesty rather than purely academic misconduct, the stronger predictive power of stated
attitudes toward ghostwriting may reflect two mechanisms: (i) while plagiarism correlates with
general dishonesty, it is most tightly linked to academic dishonesty, making domain-specific
attitudes especially informative; and (ii) respondents may hold motivated beliefs that downplay

their own misconduct by viewing such behavior as socially acceptable.

Correlation Between Plagiarism and Other Individual Characteristics. Among
personality traits, higher neuroticism and lower orderliness are modestly associated with
higher plagiarism, suggesting that the measure also captures behavioral tendencies linked to
emotional stability and self-discipline. In contrast, traits such as opportunism, risk-seeking,
time management, and pro-social motivation show no relationship, indicating that plagiarism
is not simply an outcome of opportunism or impatience.

Indicators of academic ability — such as GPA and scholarship status — exhibit negative
and statistically significant correlations with plagiarism, though these associations weaken once
we introduce university and cohort fixed effects in Column (6). Similarly, the initially positive
correlation between plagiarism and being female becomes insignificant once institutional fixed
effects are included, suggesting that these differences likely reflect variation across universities
rather than intrinsic gender differences.

Taken together, these results suggest that our plagiarism measure primarily captures an
underlying propensity toward dishonest behavior, while also reflecting aspects of personality
and ability related to self-control and conscientiousness. Accordingly, although we interpret
plagiarism as a powerful proxy for intrinsic dishonesty, we recognize that it encompasses
broader behavioral dimensions. Therefore, to remain conservative in our interpretation, we
avoid broader generalizations and refer to the measure either literally as plagiarism history or,
in effect, as academic dishonesty — understood as a realized behavior rather than an ex ante

trait.

3.2 Linking Plagiarism to Other Administrative Records
To connect academic misconduct to subsequent career trajectories/performances, we link

individuals across several large-scale administrative datasets.

Civil Service Exam and Civil Servants. We begin with rosters of 347,531 candidates
who passed the National Civil Service Examination (NCSE) between 2014 and 2022, the main

entry route into nearly all entry-level non-judicial central government positions. The rosters
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report each candidate’s name, college, and — when available — graduation year and exam
registration region.' We link these records to dissertations using (i) exact matches on Chinese
name and college and (ii) temporal consistency (graduation year must precede the exam year).
To reduce false positives, we exclude the top 5% most common names in the CNKI sample
and require a unique, time-consistent dissertation match; ambiguous cases are conservatively
dropped. This yields a final matched sample of 60,201 civil servants (17.3% match rate). The
overall match rate is mechanically limited by CNKI’s coverage of postgraduate dissertations.
Among civil servants known to hold a master’s degree or higher, the match rate rises to 63.4%,
indicating that the procedure performs well for the relevant subpopulation.'® Appendix C
provides a flowchart of the matching steps and documents sample changes under alternative
exclusion thresholds.

After identifying these officials, we construct a panel of their career trajectories by compiling
legally mandated public announcements of promotions and scraping official bulletins for records
of disciplinary actions or corruption investigations. This unique and comprehensive dataset
on career outcomes for entry-level civil servants — the first of its kind in the Chinese context

— allows us to link an individual’s academic dishonesty to their subsequent promotion and

likelihood of corruption investigation. Appendix F provides further details.

Judicial Case Records and Judges. Judges enter through a separate recruitment and
career system and are therefore not included in the NCSE-based civil-service sample above.
To study judicial officials, we collect over 140 million civil and administrative court decisions
from 2014-2022 from China Judgment Online (CJO), the official platform for court verdicts.
For each case, we extract structured information on courts, trial and ruling dates, judges,
clerks, litigants, court fees, dispute types, claims, rulings, and the court’s reasoning.'”

From the full verdict corpus, we construct rosters of 190,871 judges with complete case
histories and observed career paths.'® We link judges to their dissertations using the same
matching and disambiguation procedure as above, resulting in 61,345 matched judges (32.1%
match rate). As with civil servants, the rate is constrained by CNKI’s coverage of postgraduate
dissertations; the higher match rate among judges reflects their generally higher educational
attainment. We further enrich the judge dataset with biographical information from court
websites, Baidu Encyclopedia profiles, and provincial and prefectural anti-corruption bulletins.

This allows us to trace promotions, transfers, and disciplinary actions. Appendix A.3 details

5 Appendix Figure A.2 provides an example roster.

1The remaining missing rate is likely driven by (i) graduate dissertations publicized via platforms other
than CNKI and (ii) exclusions based on highly common names.

17 Appendix Figure A.1 illustrates a sample civil judgment.

18We also identify 542,269 lawyers with representation records and over 5 million corporate litigants linked
to business registration data.
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the full construction.

To measure judges” work performance, we focus on case outcomes. Our primary metric in
civil litigation is each party’s win rate, derived from the allocation of court fees.!® Following
Liu et al. (2023a, 2025), we define: WinRate; = Couﬁgg;ﬁgi‘zﬁ Fee;* In administrative cases
where citizens sue the government, we classify the plaintiff as victorious if at least one claim is

upheld (Zhang and Liu, 2025).

3.3 Descriptive Statistics

Table 1 reports summary statistics for the key variables. Panel A presents plagiarism rates.
Among the 512,366 dissertations we processed through CNKI’s plagiarism-detection system,
the average plagiarism rate is 7.7%, and this estimate remains stable whether plagiarism
is measured by the overall duplication rate or by more specialized section-level indicators.
After reweighting to correct for the oversampling of public-sector employees, the nationally
representative mean declines slightly to 7.4%.2° Overall, these statistics indicate that plagiarism
is highly prevalent among graduate-degree holders in China.

We further disaggregate plagiarism rates by individual characteristics. Dissertation plagia-
rism is more common among public-sector workers than among private-sector workers, among
graduates of non-elite universities relative to elite institutions, and — though to a lesser degree

— among women relative to men.

In Panel B, we report additional individual characteristics. We find that 97% of the sample

is of Han ethnicity, 3% received national scholarships during graduate school, 29% attended

elite universities,?! 54% are female, and 25% eventually entered the public sector.

4 Plagiarism and Political Selection

As discussed in the previous section, probity may be systematically linked to political selection
in China. Such a relationship, if present, would be highly consequential for two reasons: (i)
the public service is a critical sector, employing roughly 70 million well-educated individuals
who shape the well-being of 1.4 billion citizens; and (ii) probity is widely regarded as a key
determinant of public service performance, particularly in positions that involve power and

discretion.

9For example, if the plaintiff prevails entirely, they pay 0% of fees; a 50-50 split implies equal success.

20In the full sample, 14% of dissertations exceed the 15% plagiarism threshold — the most commonly used
official cutoff for degree conferral.

21“Elite university” refers to institutions classified under the national “Double First-Class” initiative or the
historical 985/211 programs at the time of graduation.
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In this section, we investigate the relationship between probity and political selection by
tracking both entry into and career advancement within the public sector. On the extensive
margin (Section 4.1), we compare students who entered the public service — based on
mandated disclosures by recruiting government units — with their classmates in the same
college—major cohort, testing whether dissertation plagiarism differs systematically between the
two groups. On the intensive margin (Section 4.2), we examine career progression within the
public service, comparing promotion speed between public officials with plagiarism records and
their colleagues in the same unit and cohort who did not plagiarize their graduate dissertations.

We also discuss alternative interpretations of our findings (Section 4.3).

4.1 Entry into the Public Service

We identify public servants recruited in China between 2014 and 2022 from publicly disclosed
recruitment lists, which provide each recruit’s name and college. By matching this information
to the CNKI dissertation database, we identify their major and graduation cohort. These
identifiers then enable us to define a representative control group by randomly sampling their
classmates from the same university, major, and cohort within the CNKI dissertation repository.
In addition to conducting plagiarism detection to each matched public official’s dissertation,
we draw a random subsample of their classmates within the same college—major—cohort and
run their dissertations through the same algorithm.

We begin by comparing individuals who enter the public sector with their classmates who
remain in the private sector. As shown in Figure 3, Panel A, those who enter public service
are significantly more likely to have plagiarized their dissertations — a pattern that persists
across the entire upper half of the plagiarism-score distribution. Panel B shows that this
public—private gap is stable over the past decade, suggesting that the selection pattern has
persisted even as students have become increasingly aware of plagiarism-detection tools in
recent years.??

To quantify these graphical patterns, we estimate the following econometric model:
Plagiarismiem; = o - Civil; + X0 + Ao + Vo + 1 + €ieme (1)

where Plagiarism;.,; is the plagiarism score of individual ¢, from college ¢ and major
s, graduating in cohort t. Cwil; is a binary variable that equals 1 if individual ¢ entered
the public service system upon graduation, and 0 otherwise. X'7 is a vector of individual

characteristics, including gender, ethnicity, and a binary indicator for winning the National

22Likewise, the regression results reported in this and subsequent sections are not sensitive to splitting
the sample by cohort, indicating that increased student awareness in recent years is not driving our findings.
Additional robustness results are available upon request.
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Scholarship (our proxy for high ability). A., v, and 7; represent university, major, and cohort
fixed effects, respectively. This specification therefore tests whether students who enter public
service exhibit higher plagiarism rates than their classmates. Standard errors are clustered at
the university level.

Table 2 Panel A reports the main findings, revealing a 1.2 percentage points gap in
plagiarism rates between students entering the public versus private sectors — a 15.6%
increase from the baseline plagiarism rate. As shown in Columns 2 and 3, this gap exists
in both elite and non-elite universities, but is more pronounced in the latter. Since the
plagiarism-detection algorithm uses only publications predating the dissertations and already
excludes quotes from classical materials and authoritative documents such as policies and
legal codes, the reported gap in plagiarism scores reflects actual differences in violations of
academic honesty codes — the same standard widely adopted by universities nationwide when
making high-stakes decisions about degree conferral.

That said, violations of academic honesty codes are generally perceived to differ in severity.
For example, copying literature review paragraphs might be considered by many to be less
egregious than plagiarizing a paper’s main arguments or core analyses. Motivated by this
distinction, in Panel A, Columns 4 and 5, we separate plagiarism in non-essential sections
(background, data description, literature review, etc.) from plagiarism in essential sections
(analysis, results, conclusion, etc.) and examine which type of plagiarism drives the main
findings.

We find that the public—private sector gap in plagiarism is not primarily explained by less
serious violations, such as paraphrasing literature reviews, dataset descriptions, or institutional
background sections. While we observe differences in both essential and non-essential sections

— likely reflecting the correlation of these behaviors within individuals — the adverse selection

into the public sector is even stronger when measured by the more severe forms of plagiarism,
namely in the theoretical framework, supporting evidence, and conclusions. These results
indicate a substantive gap in academic honesty between the two groups, rather than mere
differences in familiarity with academic norms.

Panel B investigates how adverse political selection varies across public service domains.
The pattern is evident across all categories, though its magnitude differs: it is particularly
pronounced among tax and customs officials, who have 25-26% higher plagiarism rates than
their classmates, and more modest among judges, at 16%. Identifying the precise sources
of these probity gaps — both between the public and private sectors and across different
branches of public service — is beyond the scope of this paper but represents a promising

avenue for future research.
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4.2 Career Advancement in the Public Service

Having established the adverse political selection based on probity at the entry level, we now
examine whether public officials who plagiarized their dissertations also advance faster within
the government hierarchy.

For civil servants, we draw on the detailed ranking information described in Appendix F.
Specifically, for each individual who has served in the civil service for at least five years, we
construct his or her official rank in the fifth year after entry. We then estimate the following

individual-level regression:

Rank;y = « - Plagiarism; + Agt + €t (2)

where Rank;, denotes the official rank, five years into civil service, of individual ¢ who entered
government unit ¢ in year t. Plagiarism; is the plagiarism score of individual i, and Ay is
the government-unit-by-cohort fixed effect. This specification therefore tests whether public
servants who plagiarized their dissertations are promoted more quickly than colleagues within
the same unit and with identical seniority. Standard errors are clustered at the government-unit
level.

Table 3 presents the main findings. As shown in Column 1, among colleagues with identical
seniority, individuals who plagiarized their dissertations advanced 9% more rapidly in the first
five years of their careers. Columns 2-4 reveal that this pattern holds across different public
service domains, and is particularly pronounced among customs and tax officials — the two
domains in which we also observed the strongest extensive-margin selection based on probity.
The results remain robust after controlling for individual background characteristics such as
gender, university, major, degree, and year of graduation.

For the judges analyzed in Column 4, we are able to draw on unusually detailed performance
measures based on the universe of 140 million court verdicts they have issued. Using this
information, Column 5 repeats the previous analysis while controlling for key performance
indicators — such as the number of cases handled, appeal rates received, the number of
junior judges mentored, and the share of major cases (proxied by monetary claim size) —
that closely align with the official criteria used in judicial promotion decisions. Even under
this more stringent specification, the coefficient on the plagiarism measure remains positive
and statistically significant, indicating that judges with higher plagiarism scores are more
likely to be promoted to senior positions through channels independent of their actual work

performance.

Taken together, our findings in Sections 4.1 and 4.2 indicate that academically dishonest

individuals are significantly more likely to enter public service, and this adverse selection is
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compounded by the fact that such individuals are also more likely to advance to leadership
positions within the system. To the extent that the probity of public officials influences the
quality of governance — and this effect may be especially consequential for those holding
greater authority — these results could have far-reaching implications for social welfare, a

possibility we investigate explicitly in Section 5.

4.3 Alternative Interpretations

It is worth emphasizing that our results on political selection should be interpreted as
correlational rather than causal, since individuals with different plagiarism rates may also
differ along various other dimensions. Moreover, while the survey evidence discussed in Section
3.1.2 demonstrates that plagiarism is a strong predictor of long-run general probity, it also
reveals modest correlations between plagiarism and other personality traits or background
characteristics. We therefore take a conservative approach by interpreting our findings strictly
as patterns associated with academic dishonesty.

Nevertheless, a natural concern remains as to whether the dissertation plagiarism rate (as
detected by CNKI) is in fact an accurate measure of academic dishonesty. Some students may
engage in more “sophisticated” forms of misconduct — for example, hiring others to write
their dissertations, or translating directly from foreign sources not covered in the CNKI corpus.
If such sophisticated cheaters are systematically less likely to enter the public service for some
reason, then our findings could in principle reflect positive, rather than negative, selection on
academic honesty (i.e., sophisticated cheaters avoid the public service, while naive ones enter).

We argue that this interpretation is unlikely to drive our results for two reasons. First,
as documented in Section 3.1.2, plagiarism rates are strongly and positively correlated with
long-run honesty levels measured in an independent survey — evidence inconsistent with the
idea that a large pool of sophisticated cheaters is hidden among non-plagiarizers. Second, if
our selection results were driven primarily by such unobserved sophistication, then the rollout
of plagiarism detection tools — by raising the returns to sophisticated cheating — should have
amplified the positive correlation between plagiarism and public service entry. As discussed in
Section 6.2, however, this pattern is not borne out in the data.

Therefore, the evidence presented in this section is most consistent with a positive cor-
relation between academic misconduct and both entry into and advancement within public

service.
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5 Performance of Plagiarizing Public Servants

Given the adverse political selection based on probity, academically dishonest individuals are
prevalent in the public service system and disproportionately concentrated at higher levels. It
is therefore important to examine the implications of the prevalence of dishonest individuals
in positions of authority. While our plagiarism measure provides a rare window into previously
hidden dishonest behavior, two empirical challenges remain. First, for most public servants,
the multi-dimensional and vaguely defined nature of their jobs makes it notoriously difficult
to measure performance objectively (Baker et al., 1994; de Janvry et al., 2023). Second, even
when performance is observable, the endogenous sorting of public servants into different tasks
based on personal characteristics — such as probity — implies that comparing the outcomes
of plagiarizing and non-plagiarizing officials does not, by itself, identify the causal impact of
having dishonest individuals in the public service.

To address these two challenges, our subsequent analysis zooms in on the judicial system
rather than the broader public service, where we can observe detailed and objective performance
indicators derived from the universe of China’s court judgment files over the past decade.
We further mitigate concerns about endogeneity by exploiting quasi-random variation in
the assignment of cases to judges. In Section 5.1, we estimate the causal effect of a lawsuit
being handled by a judge with a plagiarism record relative to one whose dissertation was
not plagiarized. In Section 5.2, we exploit detailed data on colleague collaboration networks
and judge-lawyer matchups extracted from court rulings to estimate the spillover effects of
academically dishonest judges on their peers and on lawyers.

Since the judicial system involves tasks that are more transparent, observable, and ob-
jectively measurable compared to most other public service sectors, the scope for dishonest
individuals to exercise private influence is arguably constrained. As a result, the empirical
patterns we document among judges may be interpreted as a lower bound on the influence
of dishonest individuals in public service. In sectors where performance is less transparent,
evaluations are more subjective, and discretion is greater, dishonest individuals may exert an

even more pronounced influence.

5.1 Effects of Dishonest Judges on Case Outcomes

To identify the causal effect of being assigned to an academically dishonest judge (as opposed
to an honest one) on court rulings, a key challenge is that dishonest and honest judges
may systematically preside over different types of lawsuits, thereby confounding observed
differences in outcomes. To address this concern, we adopt an instrumental variable (IV)

strategy that exploits quasi-random variation in case assignments generated by fluctuations in
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judges’ caseloads relative to the timing of new case arrivals.

In contrast to U.S. federal courts, where judges typically sit on mixed dockets, Chinese courts
use clear subject-matter divisions. Within the same court, judges are assigned to separate
divisions and groups that handle different domains of cases, such as contract, corporate,
intellectual property, administrative litigation. Using the full universe of court judgment files,
we first identify each judge’s legal domain and construct a comprehensive measure of weekly
caseload, defined as the number of active cases on that judge’s docket in a given week. We
then instrument for whether a case is handled by a judge with a plagiarism record using
the contemporaneous caseload of plagiarizing judges in the same court and legal domain at
the time of case arrival. This approach isolates variation in assignment driven purely by the
availability of plagiarizing judges, rather than by endogenous matching between judges and
cases.

Specifically, we estimate the following two-stage least squares (2SLS) model:

DishonestJudge;.qs = «-CaseLoad.g + Mg + V¢ + €icats (3)
Ruling;cqs = Dish@Judgeicdt + Aeda + Ve + €icars (4)

where DishonestJudge;.q; is a binary indicator that equals one if case i in court ¢, domain
d, and week t is adjudicated by a judge with a plagiarism history.?® CaseLoad,q is the
instrument, defined as the lowest ongoing caseload among plagiarizing judges in court c,
domain d, and week t. Ruling;.q: denotes the case outcome of interest. In both stages,
we include court-by-domain fixed effects \.; and week fixed effects ;. Standard errors are
clustered at the court level. As a placebo test, Appendix Table A.3 shows that instrumented
judge assignment is orthogonal to a range of pre-determined case characteristics — such as
monetary stakes, litigant identity, and lawyer background — supporting the validity of the IV.

As shown in Table 4 Panel A, the IV strongly predicts case assignment to dishonest judges
(first-stage F-stat ranges between 105 and 225). Exploiting this variation, the second-stage
results, as reported in Columns 1, 3 and 5, indicate that cases handled by dishonest judges,
relative to otherwise comparable cases, are: (i) 10% more likely to favor the government
over citizens in administrative lawsuits; (ii) 15% more likely to favor SOEs over private firms
in commercial disputes; and (iii) 12% more likely to favor larger firm litigants over smaller

counterparts in civil cases. These findings are consistent with the interpretation that dishonest

Z30ur baseline definition classifies a judge as having a “plagiarism history” if their raw plagiarism score is
above the sample median. In Appendix Table 7?7, we confirm that our main findings are robust to a variety of
alternative definitions, including using the residualized median score (controlling for university, major, and
cohort), the mean, the 75th percentile, and commonly used official plagiarism thresholds (e.g., 10% and 15%).
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judges are more susceptible to influence from powerful litigants — either by proactively
favoring them in anticipation of future benefits or by being passively captured through external
pressure — thereby undermining the fairness and quality of judicial decisions.

Interestingly, as reported in Columns 2 and 4, these differential rulings are almost entirely
driven by trials that were not livestreamed to the public. For livestreamed cases, the same
IV-2SLS specification yields no meaningful treatment effect on ruling outcomes.?* This
heterogeneity suggests that the more preferential rulings of dishonest judges are unlikely to be
driven by lower ability per se. Instead, dishonest judges may knowingly issue preferential rulings
but moderate such behavior when their decisions are subject to greater public scrutiny. These
findings are thus indicative of strategic bias rather than incompetence, reflecting conscious
trade-offs between the expected costs and benefits of issuing questionable rulings.

An alternative interpretation, however, is that pre-existing biases in China’s judicial system
systematically disadvantaged SOEs, governments, and the wealthy, and that dishonest judges
improve judicial quality by offsetting such biases. To evaluate this possibility, we examine
the impacts of dishonest judges on judicial quality directly. Following Liu et al. (2023a), we
construct three proxies based on court rulings: (i) appeal rates, which generally signal lower
decision quality; (ii) applications of discretionary codes, which have been shown to correlate
with favoritism (Liu and Li, 2019); and (iii) the length of the judicial reasoning section in the
verdict, which positively correlates with decision soundness (Liu, 2018).

As shown in Table 4, Panel B, Column 1, instrumented assignment to a judge with a
plagiarism history increases the likelihood of appeal by 3.3 percentage points — an 18%
increase relative to the baseline average. Column 3 show that judges with plagiarism histories
are 19% more likely to rely on discretionary codes. For the length of judicial reasoning, in
Column 5, we find a significant reduction of 37 words (7%). Again, as shown in Columns 2,
4, and 6, these effects disappear in cases being livestreamed to the public. Taken together,
these results point to systematically lower-quality judicial decisions by judges with plagiarism

histories.?®

Subsequent corruption investigations The findings in Table 4 paint a consistent picture:
judges with plagiarism histories systematically favor more powerful litigants by issuing lower-

quality rulings. Consistent with this interpretation, Appendix Table A.5 shows that these

2Livestreaming decisions are unlikely to be driven by case characteristics. The 2016 People’s Courts
Regulations on Open Trials mandate livestreaming by default, except for cases involving state or business
secrets, privacy, or social stability. In practice, coverage depends mainly on courts’ technological capacity and
scheduling constraints, as many have limited equipment and staff. Consequently, variation reflects infrastructure
rollout rather than judicial discretion. As shown in Appendix Table A.4, livestreaming is uncorrelated with
case features or judge characteristics, suggesting against systematic selection bias.

Z>We also observe a marginal reduction in trial duration, consistent with less serious deliberation on the
part of the judge.
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judges — while advancing more rapidly in their careers (as reported in Section 4.2) — are
also 0.6 percentage points more likely than their peers to face anti-corruption investigations
and sanctions in subsequent years, representing a 16.6% increase over the baseline average.?¢
This result corroborates our preferred interpretation that their preferential rulings were likely

linked to bribery or other forms of misconduct.

5.2 Spillover Effects in the Judicial System

In addition to issuing more preferential rulings, the presence of dishonest individuals in the
judicial system may generate significant spillover effects on others who interact with them,
particularly when such individuals occupy positions of power. In this section, we examine two
types of spillover effects: (i) the influence of dishonest judges on the behavior of their fellow

judges, and (ii) their influence on the behavior of lawyers.

Spillover on other judges When a new judge is appointed to a court, he is assigned to a
“judge panel,” essentially a mentorship group of 2-3 judges led by a senior “judge director.”
During the following year, the incoming judge is expected to collaborate with his mentor in
trials and to observe and learn from the mentor’s decision-making process.?” After one year of
mentorship, the incoming judge is deemed qualified to handle cases independently.

As shown in Table 5, Panel A, junior judges assigned to mentors who plagiarized their
dissertations are, after a year of exposure, significantly more likely to issue preferential rulings
favoring powerful litigants — holding constant their own plagiarism record — according
to estimates obtained from the same IV strategy that exploits quasi-random variation in
case assignments. The magnitudes imply that exposure to a dishonest mentor increases bias
in rulings by about half as much as the junior judge’s own dishonesty does, indicating a
substantial spillover effect. Appendix Table A.6 shows no systematic sorting between mentors
and mentees based on probity, suggesting that the observed spillover effects are more likely to
reflect assimilation rather than selection. These findings suggest that unethical norms and

practices can diffuse through mentorship networks within the judiciary.?®

Spillover on lawyers Beyond shaping the behavior of junior colleagues, a judge’s probity

can also affect the effectiveness of the lawyers who appear before them. To investigate this

26The results are robust to logit and hazard models.

27As detailed in Appendix Figure A.4, the average junior judge handles 75% of their caseload with a single,
primary senior partner, and a large proportion of junior judges work exclusively with one mentor. This
arrangement is highly stable and creates a powerful channel for peer influence.

28This effect could potentially reflect a genuine change in honesty driven by peer influence. Another
possibility is that, as shown in Table A.1, plagiarism has persistent predictive power for long-term honesty,
and individuals may simply be “catering to the norm” by conforming to their work environment.
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possibility, we examine lawyers’ performance when facing dishonest versus honest judges, and
how this differential effectiveness depends on the lawyer’s own honesty level.

As reported in Table 5, Panel B, and exploiting our baseline IV design, we find that
dishonest lawyers achieve significantly higher win rates for their clients when facing dishonest
judges compared to honest ones.?” By contrast, this differential is absent — or if anything,
reversed — for honest lawyers. That dishonest lawyers perform better under dishonest judges
— holding constant case selection via the IV — suggests the presence of “top-down favoritism”
exerted by judges, or “bottom-up capturing” initiated by lawyers, or some combination of
both.

While we are unable to credibly disentangle these two mechanisms given data limitations,
the existence of such patterns indicates that dishonest judges systematically empower dishonest
lawyers. This dynamic implies that, as the prevalence of dishonest judges increases within the
judicial system, market competition may in turn raise the prevalence of dishonest lawyers in

the legal profession, thereby amplifying the broader manifestation of dishonesty.

6 Anti-Plagiarism Enforcement

For a long time, universities relied on faculty members to manually review dissertations
for potential plagiarism. Since the conferral of bachelor’s, master’s, and doctoral degrees
is legally required to involve a dissertation, and given the high student-to-faculty ratio in
most Chinese universities, it was logistically impossible to subject every dissertation to close
scrutiny. Moreover, some instances of plagiarism draw on obscure sources that are inherently
difficult to detect, even for experts. These factors help explain the prevalence of dissertation
plagiarism among graduates prior to the 2010s.

As explained in Section 2.1, beginning in the early 2010s, plagiarism-detection algorithms
— most notably the one developed by CNKI — became increasingly sophisticated. Following
the Ministry of Education’s (MOE) push for stronger efforts to curb dissertation plagiarism,
colleges nationwide rapidly adopted explicit anti-plagiarism rules that relied on these algorithms
to automate detection. Because the MOE did not mandate a uniform enforcement timeline,

adoption varied substantially across universities. We compile detailed rollout information

29We E@iinate the following specification: Yjeqr = ﬂlDishoEes\tJudgecdt + pPgDishonestLawyer;; +
53 (DishonestJudgecdt X DishonestLawyeril) + X{lcdtﬂ 4+ Aed + Yt + Eitedt, where Yj.q: is the case outcome
(i.e. the lawyer’s client win rate), DishonestJudge,,, is the instrumented dishonesty measure of the pre-
siding judge, and DishonestLawyer;, indicates whether the lawyer has above-median dishonesty (e.g., pla-
giarism history). A.q and 7; denote court-by-domain and time fixed effects, respectively, and Xj.q;: in-

cludes standard controls. DishonestJudge,,, is instrumented using CaseloadDishonest.q4; from the first stage
DishonestJudge, ., = m1 CaseloadDishonest gt + Acad + V¢ + Vedr- The coeflicient of interest is 83, which captures
whether dishonest lawyers perform better when matched with dishonest judges.
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for 120 elite universities and, as shown in Appendix Figure A.5, most adopted systematic
anti-plagiarism tools between 2013 and 2020.

Exploiting this staggered rollout, we address three questions in this section. First, as a
proof of concept, does anti-plagiarism enforcement actually reduce plagiarism (Section 6.1)?
Second, how does it affect selection into the public service (Section 6.2)7 Third, does it
influence behavior within the public service (Section 6.3)?

It is worth noting that, in our setting, the vast majority of students ultimately obtain their
degrees — sometimes after revising their dissertations multiple times to meet the plagiarism
requirements. This is shown in Appendix Table AX, which indicates that graduating cohort
size is unaffected by the rollout of anti-plagiarism rules. That said, enforcement does not
mechanically ensure that all dissertations in our sample fall below the relevant degree-conferral
cutoffs, since our plagiarism measures are constructed using the most recent version of the
CNKI algorithm. This version is highly correlated with, but may not perfectly replicate, the

algorithms previously used by universities or earlier versions of CNKI itself.

6.1 Impacts on Plagiarism

As long as the adoption of anti-plagiarism rules is not merely performative, one would expect
a subsequent reduction in plagiarism levels. To test this hypothesis, we estimate the following
equation:

}/;cmt =« TT@CZtCt + )\c + Ym + N + €icmes (5)

where Y;.,; denotes the outcome of interest — such as the plagiarism level of individual ¢ from
university ¢, major m, graduating in year t. T'reat., is a binary indicator for whether college ¢
had adopted plagiarism-detection algorithms by year ¢. We include university fixed effects
(Ae), major fixed effects (7,,), and year fixed effects (1;). Standard errors are clustered at the
university level.

Table 6 Panel A reports the results. Consistent with effective enforcement of anti-plagiarism
policies, we observe a 0.9 percentage-point decline in plagiarism rates for dissertations submitted
after adoption — equivalent to roughly 12% of the pre-reform average. The effect is evident
across both core and non-core sections and holds for students from elite as well as non-elite
universities. In Column 4, we restrict the sample to cohorts who enrolled before the rules
were implemented but graduated afterward. For these students, the rules represented an
unanticipated shock. The results remain highly consistent, confirming that the rules led to a
significant reduction in plagiarism. Panel (a) of Figure 4 plots the dynamic effects, showing
no pre-trends before adoption and a sharp decline immediately thereafter.

Figure 4 Panel (b) plots the distribution of plagiarism rates, as measured by the CNKI

24



algorithm, separately for samples before and after the adoption of anti-plagiarism rules.
Vertical lines indicate the typical cutoff values universities use for degree conferral. The figure
shows a smooth distribution of plagiarism rates before the rules, but clear bunching just
below these thresholds afterward — consistent with CNKI’s status as the most widely used
plagiarism-detection tool nationwide.

Such strategic responses to anti-plagiarism rules raise the possibility that compliance with
these policies may not necessarily reflect substantive improvements in honesty. Accordingly,
in the remainder of this section, we examine how these policies affect political selection and

judicial behavior.

6.2 Impacts on Political Selection

To gauge the impacts of anti-plagiarism rules on political selection, we compare dissertation
plagiarism rates of public officials and their classmates, both before and after the introduction
of plagiarism-detection rules at the time of graduation.*’

As reported in Table 6 Panel B, while anti-plagiarism rules significantly reduce the overall
level of plagiarism, they do not generate systematic differential effects between students who
enter public service and their classmates — i.e., adverse political selection persists even after
the enforcement of anti-plagiarism rules. Put differently, although the enforcement of anti-
plagiarism rules led more dissertations to fall below the university-specific thresholds required
for degree conferral, individuals whose plagiarism rates still exceeded their institution’s cutoff
— or who bunched just below it — remain significantly more likely to enter public service than
peers with substantially lower rates. Column 4 confirms this pattern using the more restrictive

design focusing on the “surprised cohorts.”

6.3 Impacts on Public Service Behavior

The limited impact of anti-plagiarism enforcement on political selection is consistent with
the possibility that compliance is largely symbolic: while measured plagiarism rates decline,
the underlying level of dishonesty among treated students remains unchanged, and it is this
inherent dishonesty that drives political selection.

An alternative explanation is that compliance does cultivate more honest habits. In this
case, although plagiarism continues to predict political selection even after anti-plagiarism
enforcement, the overall reduction in plagiarism rates would still imply improved public service

performance by fostering more honest behavior once individuals are in office.

30Specifically, we estimate: Yien: = - Treaty + 3 - Civil; + 6 - (Treate - Civily) + Ao + Ym + Mt + €ieme-
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To examine which case it is, in Table 6 Panel C we exploit the staggered rollout of anti-
plagiarism rules to compare judges who were subject to anti-plagiarism enforcement in college
with those who were not, within the same court and the same cohort.*" The results indicate
that anti-plagiarism enforcement had a lasting effect on professional conduct: judges exposed
to such policies display marginally lower favoritism toward powerful litigants and substantially
higher ruling quality. Quantitatively, the magnitudes correspond to roughly 15-17% of the
baseline effects of plagiarizing judges documented earlier, suggesting that academic integrity
enforcement meaningfully — but only partially — mitigates unethical behavior in public
service. These results remain robust for the “surprised cohorts” (Panel D), and Figure 4
Panels (c¢) and (d) show no pre-trends.

Taken together, these results suggest that although some compliance with anti-plagiarism
policies may involve strategic gaming of the system, enforcement is not merely performative.
Instead, it induces enduring changes in ethical behavior — effects more consistent with
genuine treatment than with selection. We interpret this as evidence that strict enforcement
of academic honesty standards can foster habits that carry over into long-term professional
conduct.

It is worth noting that the modest behavioral change aligns with evidence from psychology
research indicating that dishonesty is somewhat malleable in early life (Roberts and DelVecchio,
2000) and can shape one’s tolerance for future unethical behavior (Garrett et al., 2016). This
corresponds to the modest reductions in later unethical conduct observed among individuals
exposed to academic honor codes in college. At the same time, prior evidence suggests that
dishonesty is generally a highly stable trait over time (Ashton and Lee, 2007), consistent
with the finding that only a limited share of judicial bias associated with plagiarism can be

mitigated through anti-plagiarism enforcement.

7 Conclusion

In this paper, we construct a novel measure of dishonesty by applying newly available,
advanced plagiarism-detection algorithms to more than half a million publicly available
graduate dissertations in China. Linking this measure to responses from a survey of experienced
professionals — where we elicit personality traits and ideological beliefs — we find a strong
and robust correlation between plagiarism and cheating in incentivized tasks (Hanna and
Wang, 2017; Barfort et al., 2019).

Utilizing this plagiarism measure, we document four sets of empirical results. First, we

uncover significant adverse political selection. On the extensive margin, individuals who

318pecifically, we estimate Yiemur = - Treate + Ao+ Ym + Gu + Mt + €iemut, Where u denotes courts. Standard
errors are clustered at the court level.
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plagiarize are more likely than their classmates to enter public service; on the intensive margin,
public officials with a plagiarism record are more likely to be promoted than their colleagues
without such misconduct.

Second, we show that the presence of academically dishonest individuals in positions of
power has important consequences for societal functioning. Focusing on the judiciary and
exploiting quasi-random case assignments, we find that judges with plagiarism records issue
more preferential rulings and face more appeals — patterns that disappear when trials are
livestreamed. These results are consistent with dishonest judges being captured by powerful
litigants when public scrutiny is low, a conjecture corroborated by subsequent corruption
investigations.

Third, dishonesty further propagates through spillover effects. Among judges, junior judges
mentored by senior colleagues who plagiarized their dissertations tend to converge toward
their mentors’ ruling patterns. Between judges and lawyers, plagiarizing lawyers become more
effective when appearing before plagiarizing judges. Both patterns suggest that the impact of
dishonesty in the public service extends beyond individual performance.

Fourth, examining the staggered rollout of anti-plagiarism rules across universities that
adopted advanced detection tools, we find significant reductions in plagiarism rates, confirming
that these rules were genuinely enforced. We find no effect on political selection, but modest
reductions in judicial biases, suggesting potential habit-formation effects from the strict
enforcement of academic honesty.

Taken together, this paper documents the prevalence of previously hidden academic
dishonesty in China and its far-reaching implications for the functioning of the public service.
The exact mechanisms through which dishonesty influences political selection, public service
performance, and spillover effects are beyond the scope of this paper but represent important
questions for future research. Moreover, the approach of proxying academic honesty through
systematic detection of dissertation plagiarism can be extended to other contexts — particularly
those in which individuals are highly educated and honesty is expected to be paramount,
such as accounting, medicine, or academia. We view these as promising directions for future

inquiry.
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Figures and Tables

(a) Overall Plagiarism Indicators

(b) Paragraph-level Plagiarism Breakdown
Figure 1: Sample Plagiarism Reports

Notes: This figure provides examples of plagiarism reports generated by CNKI AMLC. Panel (a)
shows the overall summary, including the total plagiarism rate, the maximum single-source overlap,
and overlap rates that exclude references or the author’s own prior work. Panel (b) presents the
paragraph-level analysis, where overlapping text is color-coded (red for suspected plagiarism, green
for cited material) and linked to the original sources. This paragraph-level comparison allows us to
distinguish minor overlap in background material from serious misconduct in core analytical sections.
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(a) Distribution of Plagiarism by Dice Outcome

(b) Correlates of Dissertation Plagiarism
Figure 2: Survey Validation: Plagiarism Correlates with Dishonest Behavior and Personality

Notes: This figure shows the correlations between dissertation plagiarism rates and individual traits
elicited from our survey of 387 experienced legal professionals. Panel (a) displays histograms of the
dissertation plagiarism score for two groups in the survey: “High Reporters” (those who reported more
than two sixes in an incentivized dice-rolling task) and “Low/Average Reporters” (those who reported
two or fewer). The distribution for High Reporters is noticeably shifted to the right, indicating
that individuals who plagiarized their dissertations years earlier continue to exhibit higher levels of
dishonest behavior today. Panel (b) plots the estimated coefficients and 95% confidence intervals
from regressions where the dependent variable is the normalized dissertation plagiarism score (0-1)
and the independent variables are the individual traits elicited in our survey. Each point represents
the estimated association between the listed trait and the plagiarism score. Appendix Table A.1
provides the corresponding regression results in greater detail.



(a) Overall Plagiarism Distribution (b) Plagiarism Gap Over Time
Figure 3: Adverse Selection into the Public Sector on Plagiarism

Notes: This figure presents descriptive evidence of adverse selection on academic dishonesty in the
public sector. Panel (a) shows the full distribution of plagiarism scores, illustrating that individuals
who enter the public service have a distribution that is shifted to the right compared to their private
sector peers. Panel (b) plots the difference in mean plagiarism scores for both groups by graduation
year, demonstrating that the gap has persisted over the last decade.
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(a) Plagiarism (b) Bunching Below Ceilings

(c) Favoritism toward Powerful Litigants (d) Ruling Quality
Figure 4: Event Study: Anti-Plagiarism Enforcement, Plagiarism and Judicial Behavior

Notes: This figure presents event-study estimates of the impacts of university-level anti-plagiarism
enforcement. Panel (a) shows a sharp and sustained reduction in measured plagiarism following
the adoption of plagiarism-detection systems, using the year prior to enforcement (¢t = —1) as the
baseline. Panel (b) shows bunching below the official plagiarism ceilings. Panels (c) and (d) track the
long-run effects of exposure to these policies on the professional behavior of judges who graduated
before and after enforcement. Shaded areas denote 95% confidence intervals. All event studies are
estimated following the approach suggested by Sun and Abraham (2021).
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Table 1: Summary Statistics for Dissertation Plagiarism and Individual Characteristics

Variable Obs Mean Std. Dev. Min Max

Panel A. Plagiarism Rates

All dissertations 512,366  7.68 9.57 0 86.36
Public-sector authors 127,784  8.48 10.06 0 85.82
Private-sector authors 384,582  7.41 9.38 0 86.36

Elite university graduate 149,255  7.20 9.37 0 86.36

Non-elite university graduate 363,111  7.87 9.64 0 85.82

Female 274,440  7.76 9.59 0 85.52

Male 237,926  7.57 9.54 0 86.36

Essential sections 512,366  7.47 9.32 0 85.13

Non-essential sections 512,366  7.74 9.66 0 88.61

Panel B. Individual Characteristics

Han ethnicity 512,366  0.967 0.178 0 1

National scholarship 512,366 0.0033 0.057 0 1

Elite university 512,366  0.291 0.454 0 1

Female 512,366  0.536 0.499 0 1

Public-sector officials 512,366  0.249 0.433 0 1

Notes: This table summarizes the key variables used in the analysis. Panel A re-
ports statistics on plagiarism rates in graduate dissertations processed through CNKI’s
plagiarism-detection system. The outcome variable is the overall duplication rate against
the pre-existing corpus — excluding the author’s own prior publications and citations —
measured on a 0-100 scale. “Public-sector authors” are individuals who later entered
civil service, judicial positions, or other government employment; “private-sector au-
thors” include all others. “Elite university” refers to institutions classified under the
national “Double First-Class” initiative or the historical 985/211 programs at the time
of graduation. “Essential sections” correspond to a dissertation’s core analytical and
results sections, while “non-essential sections” include background, literature review, and
acknowledgments. All rates are expressed as percentages. Panel B reports descriptive
statistics for individual-level covariates used in subsequent regressions. All indicators are
binary variables equal to one for individuals satisfying the stated condition (e.g., female,
Han ethnicity, national-scholarship recipient, or employed in the public sector) and zero
otherwise.
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Table 2: Plagiarism and Selection into the Public Sector

Panel A Plagiarism and Selection into the Public Sector

(1)

(2)

(3)

(4)

(5)

Overall Plagiarism Score

Non-Essential Sections

Essential Sections

Elite Universities

Non-Elite Universities

Public Sector 1.201°%%* 1.1471%** 1.261°%%* 1.046%** 1.387%**
(0.0601) (0.112) (0.125) (0.101) (0.134)
% to mean 15.60% 14.82% 16.38% 14.93% 17.23%
Observations 511,021 511,021 511,021 120,881 390,103
R-squared 0.234 0.207 0.245 0.233 0.196

Panel B Heterogeneity by Positions

Judges Tax Officials Law Enforcement Custom Officials Other Admin
Public Sector 1.234%% 2.005%** 1.120%** 1.9817%+* 0.945%**

(0.147) (0.125) (0.125) (0.140) (0.136)
% to mean 16.03% 25.96% 14.52% 24.65% 12.27%
Observations 190,141 305,451 279,551 341,567 401,515
R-squared 0.195 0.207 0.266 0.208 0.214
Degree FE Y Y Y Y Y
Major FE Y Y Y Y Y
Cohort FE Y Y Y Y Y
University FE Y Y Y Y Y
Individual characteristics Y Y Y Y Y

Notes: This table examines the relationship between academic dishonesty and selection into public-sector employment. Panel A estimates the
association between plagiarism scores and the likelihood of entering the public sector. Column (1) uses the overall plagiarism score; Columns (2)—(3)
separately consider plagiarism detected in non-essential (literature review and background) versus essential (main argument, methods, and results)
sections of the thesis; Columns (4)—(5) split the sample by graduates from elite and non-elite universities, respectively. Panel B explores heterogeneity
across public-sector positions, including judges, tax officials, law enforcement officers, customs officials, and other administrative personnel. For
each column, we define the control group as other students from the same set of majors eligible for positions in the corresponding public service
domain. All regressions control for individual characteristics (gender, ethnicity, and scholarship status) and include fixed effects for degree type,
major, graduation cohort, and university. Standard errors clustered at the university level are reported below the coefficients. * significant at 10% **

significant at 5% *** significant at 1%.



Table 3: Plagiarism and Career Advancement in the Public Sector

(1) (2) (3) (4) ()

Civil Servants Tax Officials Customs Officials Judges
Rank (1-27, 27 = highest) Rank (1-5, 5 = highest)

Plagiarizing Officials 0.213%%* 0.401%#* 0.369*+* 0.271%%* (0.223%%*

(0.020) (0.034) (0.036) (0.026) (0.025)
% to control mean 9% 15% 12% 9% %
Unit-Entry-Year FE Y Y Y Y Y
Individual Characteristics Y Y Y Y Y
Performance Controls N N N N Y
Observations 60,113 10,104 8,925 61,024 61,024
R-squared 0.081 0.084 0.091 0.096 0.105

Notes: This table reports regressions of officials’ career advancement—measured by their rank after
the first five years in office—on the plagiarism indicator and covariates across different public-sector
samples. Columns (1)—(3) correspond to civil servants (all, tax, and customs officials). Column (4) reports
analogous results for judges with comprehensive performance controls, including caseload handled, share
of major cases (proxied by the monetary size of claims), number of junior judges mentored, and appeal
rates. Standard errors clustered at the unit or court level are in parentheses. Significant at 10%; **
significant at 5%; *** significant at 1%.



Table 4: Judges’ Academic Honesty and Judicial Decisions - Favoritism and Quality

(1) (2)

(3) (4)

(5) (6)

Panel A Favoritism in Rulings

Larger Firm’s Win Rate

SOE’s Win Rate

Gov’s Win Rate

Full Sample Livestreamed Full Sample Livestreamed Full Sample Livestreamed
Plagiarizing Judge 0.041*** 0.006 0.056%** 0.005 0.045%** —
(0.011) (0.012) (0.015) (0.004) (0.017) —
First Stage
Caseload -0.0617%F* -0.071%F* -0.076%** -0.056%** -0.0417%%* —
(0.004) (0.006) (0.006) (0.005) (0.004) —
F-statistics 225 139 144 125 105 —
% in mean 12% 1% 15% 1% 10% —
Observations 1,759,415 227,415 150,251 33,147 251,356 —
R-squared 0.197 0.179 0.291 0.240 0.157 —

Panel B Low Quality of Rulings

Appeal Rate

Discretionary Codes

Length of Judicial reasoning

Full Sample Livestreamed Full Sample Livestreamed Full Sample Livestreamed

Plagiarizing Judge 0.0247%** 0.003 0.068%** 0.001 -36.985%** 6.035

(0.006) (0.014) (0.011) (0.006) (9.475) (10.414)
F-statistics 201 120 201 120 201 120
% in mean 18% 0% 19% 0% ™% 1%
Observations 1,735,195 230,714 1,735,195 230,714 1,735,195 230,714
R-squared 0.161 0.152 0.131 0.095 0.271 0.295
Year-Week FE Y Y Y Y Y Y
Dispute Type Y Y Y Y Y Y
Judges’ Cohort FE Y Y Y Y Y Y
Judges’ University FE Y Y Y Y Y Y
Court-Domain FE Y Y Y Y Y Y

Notes: This table reports two-stage least squares (2SLS) estimates of the effects of being assigned to a plagiarizing judge. Panel A
examines favoritism in rulings, where the dependent variables capture the win rate of (i) a larger firm, (ii) a state-owned enterprise (SOE),
or (iii) a government litigant. Columns (1), (3), and (5) report estimates using the full sample, while Columns (2), (4), and (6) restrict the
analysis to livestreamed trials. Column (6) in Panel A is omitted because no administrative lawsuits against government defendants were
livestreamed. Panel B assesses the quality of rulings, using three outcome measures: (i) Appeal Rate (Columns 1-2), (ii) Discretionary
Code Usage (Columns 3-4), and (iii) Length of Judicial Reasoning (Columns 5-6). All regressions control for court-by-domain fixed
effects, year—week fixed effects, dispute type, judges’ cohort, and university fixed effects. Standard errors clustered at the court-year level
are reported in parentheses below the coefficients. Significant at 10%; ** significant at 5%; *** significant at 1%.



Table 5: Judges’ Academic Honesty and Spillover Effects in the Judicial System

(1)

2)

(3)

Panel A Spillover to Junior Judges

Larger Firm’s Win Rate

SOE’s Win Rate

Gov’s Win Rate

Mentored by Plagiarizing Judges 0.015%* 0.021°** 0.019*
(0.009) (0.011) (0.010)
Junior Judges’ Plagiarism 0.026%** 0.024%%* 0.030%**
(0.008) (0.007) (0.008)
First Stage F-statistics 85 81 130
Observations 370,457 60,9845 102,067
R-squared 0.156 0.145 0.156
Year-Week FE Y Y Y
Dispute Type Y Y Y
Court-Domain FE Y Y Y

Panel B Spillover to Plagiarizing Lawyers

Client’s Win Rate

Contract Dispute

Non-Contract Dispute

Adminstrative Disputes

Plagiarizing Judge x Plagiarizing Lawyer 0.023** 0.021** 0.016*
(0.009) (0.011) (0.010)
Plagiarizing Judge -0.013* -0.009 -0.010
(0.008) (0.011) (0.008)
Plagiarizing Lawyer 0.007 0.009 -0.006
(0.009) (0.014) (0.010)
% to Outcome mean 8% 6% 5%
First Stage F-statistics 106 96 88
Observations 111,546 61,667 74,081
R-squared 0.147 0.101 0.106
Year-Week FE Y Y Y
Litigant Type Y Y Y
Court-Domain FE Y Y Y

Notes: This table examines the spillover effects in the judicial system. Panel A investigates whether exposure to dishonest mentors
affects the behavior of junior judges. The dependent variable is an indicator for whether powerful litigants — large firms, state
owned enterprises (SOEs), or government entities — win the case. Panel B examines whether dishonest judges differentially affect
the performance of dishonest lawyers. The dependent variable is the client’s win rate. “Dishonest Judge” denotes the instrumented
dishonesty indicator of the presiding judge, and “Dishonest Lawyer” indicates whether the lawyer’s dishonesty score exceeds the sample
median. “Litigant Type” controls for each party’s identity — whether it is a connected firm, SOE, or government entity. Standard
errors clustered at the court-year level are reported below the coefficients. * significant at 10% ** significant at 5% *** significant at

1%.



Table 6: Anti-Plagiarism Enforcement, Plagiarism, Political Selection, and Public Service Behavior

Panel A Anti-Plagiarism Policy and Plagiarism Behaviors

(1) (2) (3) (4)
Overall Plagiarism Score Non-Essential Sections Essential Sections "Surprised" Cohort
Treated Graduates -0.881*** -0.842%** -1.041%** -0.973***
(0.144) (0.145) (0.135) (0.160)
Fixed Effects Degree, Major, Cohort, University FEs
Observations 307,981 307,981 307,981 230,815
R-squared 0.201 0.191 0.202 0.173
Panel B Anti-Plagiarism Policy and Selection into the Public Sector
Overall Plagiarism Score Non-Essential Sections Essential Sections "Surprised" Cohort
Public Sector x Treated 0.041 0.031 0.047 0.006
(0.093) (0.104) (0.105) (0.855)
Treated Graduates -0.906%** -0.8171%** -1.026%** -1.201%%%*
(0.131) (0.097) (0.103) (0.133)
Public Sector 1.077%%* 1.062%** 1.128%%* 1.108%**
(0.110) (0.104) (0.096) (0.104)
Fixed Effects Degree, Major, Cohort, University FEs
Observations 307,981 307,981 307,981 230,815
R-squared 0.193 0.206 0.215 0.167
Panel C' Anti-Plagiarism Policy, Favoritism, and Quality in Rulings
Larger Firm’s Win Rate SOE’s Win Rate Gov’s Win Rate Appeal Rate
Treated Judges -0.007* -0.010%* -0.007 -0.008%**
(0.004) (0.005) (0.005) (0.004)
Fixed Effects Year-Week, Court-Domain, Dispute Type, Cohort, University FEs
Observations 590,415 74,465 120,567 689,130
R-squared 0.192 0.151 0.145 0.156
Panel D Favoritism and Quality in Rulings - Surprised Cohort
Larger Firm’s Win Rate SOE’s Win Rate Gov’s Win Rate Appeal Rate
Treated Judges -0.008%* -0.013%* -0.012%* -0.007
(0.004) (0.006) (0.007) (0.006)
Fixed Effects Year-Week, Court-Domain, Dispute Type, Cohort, University FEs
Observations 376,155 43,140 81,285 341,091
R-squared 0.146 0.139 0.157 0.104

Notes: This table examines the effects of university-level anti-plagiarism policies on plagiarism rates, selection into the public sector, and subsequent
public service behavior. Panel A analyzes how enforcement influences plagiarism rates. Panel B tests whether the policy affects adverse selection into
public service. Panels C and D evaluate longer-run effects on judicial behavior. Standard errors clustered at the university or court level are reported
in parentheses. * significant at 10% ** significant at 5% *** significant at 1%.
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A Appendix Figures and Tables

A.1 Appendix Figures

(a) Frontpage of the China Judgements Online
Website

(b) Sample Court Judgement
Figure A.1: China Judgements Online Website and An Example of Court Judgement

Notes: Panel (a) shows the homepage of China Judgements Online, the official national database for
court judgments in China. Panel (b) presents an annotated example of a civil judgment from the
database. The annotations identify key structural elements of the document, including the plaintiff,
the defendant, the judge(s), the court’s name, the final rulings, the court fee allocation, and the date
the judgment was delivered.
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Figure A.2: Example of a Roster of Admitted Civil Servants

Notes: This figure provides an example of a roster for the Shenzhen Customs office, posted in 2021.
As shown, these announcements contain rich individual-level information, including the recruit’s
name, gender, university, degree, and the specific work position they were admitted into.
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Figure A.3: Survey Validation: Predicting Dishonest Behavior with Plagiarism and Personality

Notes: This figure plots the estimated coefficients and 90% confidence intervals from the survey validation
regressions reported in Table A.1. The dependent variable is the normalized dissertation plagiarism score
(0-1), which measures academic dishonesty. Each point represents the estimated association between the listed
variable and reported sixes. Circles denote estimates from Column (5), which includes controls for personality
traits, honesty beliefs, demographics, and academic ability measures (GPA, scholarship awards), but no fixed
effects. Squares denote estimates from Column (6), which further adds fixed effects for graduation cohort,
degree, major, university, and current city.
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Figure A.4: Distribution of Junior-Senior Mentorship Pairing Stability

Notes: This histogram plots the distribution of pairing stability for junior judges. The variable on
the x-axis, share of cases with primary senior judge, measures the share of a junior judge’s total cases
presided over by their single most frequent senior judge partner within the same court. A value of 1.0
indicates that a junior judge worked exclusively with one senior judge for all cases in the sample. The
mean of this measure is 0.75, a high value that points to a very fixed arrangement, indicating that
an average junior judge handles three-quarters of their caseload with their primary senior partner.
This conclusion is reinforced by the pronounced mass at 1.0, which shows that a large proportion of
junior judges work exclusively with one senior judge.
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(a) Staggered Rollout of Policies Over Time (b) Variation in Policy Intensity (Thresholds)

(¢) Geographic Distribution of Universities
Figure A.5: Variation in Anti-Plagiarism Policy Enforcement Across Elite Universities

Notes: This figure provides details on the sample of 120 elite Chinese universities used in our
difference-in-differences analysis, illustrating the variation we exploit in treatment timing. Panel
(a) plots a histogram of the year in which each university in our sample first implemented a formal,
algorithm-based anti-plagiarism policy for graduate dissertations. The figure clearly shows the
staggered nature of the policy adoption. While a few universities began implementing these rules as
early as 2009, the majority adopted them between 2011 and 2019. This staggered rollout provides the
quasi-random variation in treatment timing that is essential for our difference-in-differences design.
Panel (b) shows the distribution of the official plagiarism similarity score thresholds that universities
set as the maximum allowable for degree conferral. There is significant **variation in the policy’s
intensity**. The most common thresholds are 10% and 15%, but some universities have much stricter
(e.g., 5%) or more lenient (>30%) standards. Panel (c) maps the geographic distribution of these 120
elite universities at the prefecture level across China. The universities are concentrated in major
economic and political centers, such as Beijing, Shanghai, and provincial capitals, but there is still
broad geographic variation.
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A.2 Appendix Tables

Table A.2: Balance Test for Survey Attrition

Characteristic Respondents Non-Respondents Difference P-value
(N=387) (N=56)
Age 29.195 29.341 -0.146 0.691
Female 0.767 0.762 0.005 0.886
Top-tier University (Dummy) 0.214 0.207 0.007 0.835
Major City (Dummy) 0.651 0.661 -0.010 0.798
Scholarship (Dummy) 0.214 0.176 0.038 0.252
GPA (1= High GPA) 0.209 0.181 0.028 0.396
Master Degree (and above) 0.735 0.757 -0.022 0.554
Employment Status (0 = Unemployed) 0.521 0.535 -0.014 0.743

Notes: This table compares the means of observable characteristics between survey respondents and non-
respondents to test for attrition bias. The “Difference” column reports the difference in means (Respondents
- Non-Respondents). The “P-value” column reports the p-value from a two-sided t-test of the null hypothesis

that this difference is zero. No differences are statistically significant at conventional levels.
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Table A.1: Survey Validation: Predicting Dissertation Plagiarism with Honesty and Personality

(1)

(2)

(3)

4)

(5)

(6)

Dependent Variable: Dissertation Plagiarism Score (0-1)

A. Dishonesty measure

Dice Game “sixes” 0.270***  0.264***  0.303***  0.261***  0.287***  0.263***
(0.063) (0.064) (0.062) (0.062) (0.061) (0.093)
B. Honesty beliefs
Belief: Thesis Ghostwriter 0.141** 0.142** 0.114
(0.070) (0.070) (0.125)
Belief: Exam Cheating -0.038 -0.052 -0.057
(0.048) (0.047) (0.067)
Situational: Expense -0.001 -0.008 0.020
(0.017) (0.017) (0.028)
Situational: Info Leak -0.016 -0.028 0.040
(0.027) (0.027) (0.049)
C. Personality traits
Conscientiousness Index 0.094 0.051 0.102
(0.071) (0.070) (0.109)
Extraversion -0.010 -0.007 0.022
(0.020) (0.019) (0.032)
Agreeableness 0.000 -0.006 -0.045
(0.025) (0.025) (0.041)
Neuroticism 0.049*** 0.053*** 0.027
(0.017) (0.017) (0.029)
Openness -0.016 -0.036 0.012
(0.054) (0.053) (0.090)
Locus of Control (External) -0.003 0.004 0.019
(0.018) (0.018) (0.032)
Self-Monitoring -0.006 -0.004 -0.038
(0.017) (0.017) (0.027)
Risk Seeking -0.008 -0.014 0.031
(0.021 (0.021) (0.034)
Orderliness -0.093*** -0.071%**  -0.102***
(0.022) (0.022) (0.033)
Opportunism Index -0.005 -0.013 -0.068
(0.043) (0.043) (0.071)
Time Management Index -0.038 -0.012 -0.093
(0.047) (0.046) (0.074)
Pro-social Index -0.041 -0.033 0.035
(0.034) (0.034) (0.058)
D. Academic ability
Scholarship (=1) -0.050**  -0.047** -0.054*
(0.019) (0.019) (0.031)
GPA (Normalized) -0.068***  -0.062*** -0.035
(0.020) (0.020) (0.034)
E. Demographics
Age (Normalized) 0.033 0.047 0.063
(0.052) (0.053) (0.160)
Female (=1) 0.031 0.038* 0.016
(0.019) (0.019) (0.035)
Fixed effects No No No No No Yes
Observations 387 387 387 387 387 258

Notes: All covariates are normalized to range between 0 and 1, making coefficients directly comparable
in magnitude. The dependent variable is the dissertation plagiarism score between 0 and 1. Group
labels reflect conceptual categories: (A) dishonesty measure; (B) honesty beliefs (hypothetical ques-
tions); (C) personality traits; (D) academic ability; and (E) demographics. Column (6) includes fixed
effects for graduation cohort, degree, major, employment status, university, and city. Standard errors
are reported in parentheses. * significant at 10%, ** significant at 5%, *** significant at 1%.



Table A.3: Balance Test of Case Characteristics Across Instrumented Judge Assignments

(1) (2) (3) (4) (5) (6) (7)
Economic Stake (log) Big Firm PLTF Big Firm DFDT SOE PLTF SOE DFDT Top Lawyer PLTF Top Lawyer DFDT

Less-honest Judge -0.064 0.013 -0.031 0.002 -0.014 0.015 0.026

(0.213) (0.030) (0.056) (0.041) (0.032) (0.062) (0.052)
First Stage F-statistics 195
Year-Week FE Y Y Y Y Y Y Y
Judges’ Cohort FE Y Y Y Y Y Y Y
Judges’ University FE Y Y Y Y Y Y Y
Court-Dispute FE Y Y Y Y Y Y Y
Observations 1,709,415 1,691,502 1,698,134 1,704,145 1,702,167 1,700,240 1,696,228
R-squared 0.241 0.211 0.168 0.193 0.152 0.168 0.193

Notes: This table reports the results of placebo regressions testing whether the instrumented assignment to a less-honest (i.e., plagiarizing) judge is correlated with
observable case characteristics determined prior to adjudication. Each column corresponds to a separate 2SLS regression in which the dependent variable is one
pre-determined feature of the case: the logarithm of the economic stake of the dispute (column 1), indicator variables for whether the plaintiff or defendant is a
large firm (columns 2-3), whether the plaintiff or defendant is a state-owned enterprise (columns 4-5), and whether the plaintiff or defendant is represented by a
top-ranked lawyer (columns 6-7). Standard errors clustered at the court-dispute level are reported below the coefficients. * significant at 10% ** significant at 5%

k%

significant at 1%.



Table A.4: Livestreaming Assignment, Case and Judge Characteristics

(1) (2) (3) (4) (5)

Dishonest Judges Economic Stake (log) Contract Dispute (=1) Involving SOEs (=1) Involving Large Firms (=1)
Livestreaming -0.027 -0.008 0.035 -0.013 0.019
(0.105) (0.243) (0.026) (0.010) (0.024)
Year-Week FE Y Y Y Y Y
Court FE Y Y Y Y Y
Observations 1,709,415 1,709,415 1,709,415 1,709,415 1,709,415
R-squared 0.104 0.091 0.126 0.141 0.172

Notes: This table examines whether cases selected for livestreaming differ systematically from other cases. Across columns, we regress the livestreaming
indicator on observable case and judge characteristics. Dependent variables include: (1) an indicator for whether the assigned judge is identified as
dishonest (based on dissertation plagiarism); (2) the logarithm of the case’s economic stake; (3) an indicator for whether the dispute is a contract case;
and (4)-(5) indicators for whether the case involves a state-owned enterprise (SOE) or a large firm. All specifications control for week and court fixed
effects. Standard errors, clustered at the court level, are reported in parentheses. * p < 0.10, ** p < 0.05, *** p < 0.01.



Table A.5: Dishonest Judges and Corruption Investigations

(1) (2)

Curruption Investigation (=1)

Dishonest Judge 0.007*** 0.006%**
(0.002) (0.002)
Outcome mean 0.036

Judges’ Characteristics N Y
Entry Year FE Y Y
University FE Y Y
Court FE Y Y
Year FE Y Y
Observations 109,405 109,405
R-squared 0.179 0.184

Notes: This table examines the relationship between judges’
dishonesty and corruption investigations. The dependent
variable is a binary indicator equal to one if Judge i is be-
ing investigated for corruption in year t. All regressions
include comprehensive performance controls: caseload han-
dled, share of major cases (proxied by the monetary size of
claims), number of junior judges mentored, and appeal rates.
Each regression also includes entry year, university, court,
and calender year fixed effects, ensuring comparisons occur
within similar institutional and temporal contexts. Across
all specifications, standard errors are clustered at the court
level and reported in parentheses. * p < 0.10, ** p < 0.05,
i p < 0.01.



Table A.6: No Sorting on Honesty between Junior and Senior Judges

(1)

Junior Judge’s Honesty

Senior Judge’s Honesty 0.018
(0.012)
Outcome mean 12.21%
Senior Judge Expertise Type Y
Junior Judges’ Cohort FE Y
Junior Judges’ University FE Y
Court FE Y
Observations 46,368
R-squared 0.213

Notes: Standard errors clustered at the court level are reported below
the coefficients. * significant at 10% ** significant at 5% *** significant
at 1%.
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B CNKI Plagiarism-Detection Algorithm

Our primary measure of academic dishonesty is derived from the Academic Misconduct
Literature Check System (AMLC, version 5.3), developed by CNKI. AMLC is the dominant
tool used by Chinese universities for detecting plagiarism in master’s and doctoral dissertations.
This appendix details its corpus, detection technologies, diagnostic indicators, and limitations.

Table A.7 summarizes the system’s technical features. The corpus provides comprehensive
coverage of both academic literature and other materials — such as government reports,
dissertations, conference proceedings, and datasets — produced outside traditional publishing
channels, thereby reducing opportunities to plagiarize from non-academic sources. The system’s
layered detection technologies extend beyond verbatim matching to identify paraphrased or
translated passages, as well as content embedded in non-traditional formats such as tables,

figures, and code.

Table A.7: Key Features of CNKI's AMLC (v5.3) Plagiarism-Detection System

Dimension Description

Reference Corpus Comprehensive coverage including: China Academic Journals,
Books, Master’s and Doctoral Dissertations, Conference Pa-
pers, Newspapers, Patents, Standards, Encyclopedias, Web
Content, Institutional Repositories, Work Reports, Political
Reports, and Project Proposals.

Detection Technolo- (i) String matching for verbatim copying; (ii) N-gram finger-
gies printing to capture paraphrasing and synonym substitution;
(iii) Vector-space models (TF-IDF and semantic similarity) to
detect structural resemblance; (iv) Cross-language recognition
(Chinese—English translations); (v) Knowledge-unit recogni-

tion for tables, figures, equations, and code fragments.

The AMLC plagiarism-detection report provides a standardized set of diagnostic indicators.

Appendix Figure 1 illustrates a sample report. The main indicators are:

1. Overall Similarity Index (A3 FEHI): the share of repeated characters in the

total character count of the submitted document.

2. Similarity Excluding References (Z£ERF|HBAEHI): recalculated ratio after

excluding content identified as formal citations.
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3. Similarity Excluding References and Author’s Own Work (ZERA A SCHEAE il
H.): on top of excluding content identified as formal citations, recalculated ratio after

excluding overlap with the author’s other publications or dissertations.

4. Maximum Single-Source Similarity (B AFEHIL): the highest proportion

of overlap with any single source in the corpus.

5. Rounding Rule: similarity ratios are reported to one decimal place. A reported 0.0%

indicates either no detected overlap or overlap too minor to be meaningful.

In our analysis, we use the Similarity Excluding References and Author’s Own Work as
our baseline measure since it provides the most accurate assessment.

The reports are highly granular and interpretable. At the paragraph level, the system
pinpoints each overlapping segment and links it to the original source, allowing evaluators
to see not only what was copied but also from where. This granularity is crucial: it enables
evaluators to distinguish relatively minor overlaps in background or literature review sections
from serious misconduct in core analytical sections. To further enhance accuracy, the system
employs a clear color-coded scheme: red text highlights overlapping passages classified as
potential plagiarism; marks properly cited quotations; and brown-gray text identifies
overlap with the author’s own prior work, automatically detected through metadata and name
matching. This design minimizes false positives by separating legitimate citation practices
and self-referencing from actual plagiarism. Reports are also generated conditional on the
detection type (e.g., master’s vs. doctoral thesis), the corpus cut-off date, and other user-selected
parameters, ensuring comparability across institutions and cohorts.

Despite its comprehensiveness, AMLC is not infallible. Detection remains constrained
by the coverage of its corpus and cannot capture ghostwriting or material outside CNKI’s
databases. Some evasion strategies remain effective, though increasingly limited.

A new frontier of challenge arises from large language models (LLMs). Since GPT-3.0 (2020)
and especially after the surge of adoption in 2022, students can generate semantically novel
but plagiarism-free text that evades similarity-based algorithms. Current countermeasures
adopted by universities — stylometric analysis, watermarking, and adversarial Al detection —
remain in their infancy, and the “arms race” between generative models and detection tools is
likely to intensify. It is worth noting that such LLM-induced challenges would not affect the
interpretation of our findings in this paper, since our study period predates the widespread
adoption of LLM.

In sum, AMLC v5.3 represents one of the most advanced plagiarism-detection systems
globally, combining wide corpus coverage with layered detection technologies. For the purposes

of this study, it provides a valid and scalable measure of academic dishonesty at the dissertation
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level.
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C Matching Dissertation to Public Officials

C.1 Matching to civil servants

Our analysis of political selection relies on two types of publicly available administrative records
mandated by Chinese law: rosters of newly admitted public servants and announcements of

official promotions.

Recruitment Rosters The public disclosure of recruitment information is mandated by
China’s (F 4 ANRIEFEA S ATE) (Civil Servant Law) and the (/55 55k FH#LE

(#47) ) (Civil Servant Recruitment Regulations). These regulations require that all
proposed hires (FAK A A ) for government positions be publicly announced to ensure
fairness, transparency, and to allow for public supervision.

Figure A.2 provides an example of such a roster for the Shenzhen Customs office, posted
in 2021. As shown, these announcements contain rich individual-level information, including
the recruit’s name (#:4%), gender (M£31]), college (ERALEEAR), degree (%#)77), and the specific
work position (KFHRAL) they were admitted into.

We systematically collected these publicly available rosters for all government positions
included in the National Civil Service Examination from 2014 to 2022. The detailed information
on these rosters, particularly the full name and college, allows us to execute a high-quality
match with the CNKI dissertation database, which contains each author’s name, college,
major, and graduation year. This matching process, described in Section 4, enables us to link
an individual’s pre-career academic record to their entry into the public sector, forming the

basis of our analysis on the extensive margin of political selection.

Matching Flowchart and Procedure Figure A.6 illustrates the step-by-step procedure
for matching the rosters of 347,531 successful NCSE candidates to the universe of 6 million

graduate dissertations in the CNKI database. The process is as follows:

1. Initial Match: We perform an initial match based on an individual’s full Chinese name

and their listed college from the recruitment roster.

2. Disambiguation and Filtering: We apply a series of filters to ensure high-quality, one-to-

one matches:

o Temporal Consistency: The matched dissertation’s graduation year must precede

the year of the civil service exam.
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o Common Name Exclusion: To mitigate false positives, our baseline specification

excludes matches involving names within the top 5% of frequency.

e Uniqueness Requirement: If a single candidate could be matched to multiple

plausible dissertations, the observation is conservatively excluded.

3. Final Sample: This procedure results in our final matched sample of 60,201 civil servants.

Match via Name, Year, Major, Location
(Drop top 5% commpn names) Public Service Rosters (2014-2022)
[6 Million Dissertations] a) 350K Newly Admitted Civil Servants from the National Exam
b) All Active 190k Judges

Y

60k Matched Civil Servants 61k Matched Judges
[4001{ Random Classmates]

(17%, 63% for postgrads) (32% matching rate)

[Fmal Sample: 0.52 Million Dissertationsj

Run Plagiarism Detection
A

Plagiarism Detection Outputs

1) Overall similarity indicators (excluding references & own prior work.).
2) Paragraph-level plagiarism (background vs. core analytical sections).

Figure A.6: Data Linking and Sample Construction Flowchart

To ensure our results are not sensitive to the specific cutoff for common names, we conduct
a sensitivity analysis. We re-run the entire matching process and our main regressions using
different exclusion thresholds (e.g., top 1%, 10%). As shown in Appendix Table A.8, our main

findings remain robust across these specifications.

Table A.8: Sensitivity of Matched Sample Size and Key Estimates to Common Name Exclusion
Thresholds

C.2 Matching to judges

We apply the same general matching procedure described above to link the roster of 190,871

judges (constructed from court verdicts) to their dissertations.

Validation Checks To validate the accuracy of our automated matching algorithm for

this sample, we perform a check using a hand-collected set of “notable” judges with publicly
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available biographies (e.g., court presidents, senior judges with profiles on Baidu Encyclopedia).
For this “ground truth” sample, we can manually verify their educational background. We find
a very high match rate (over 95%) and accuracy for this validation set, which increases our

confidence in the quality of the matches for the broader sample of judges used in our analysis.
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D Survey Design and Questionnaire

D.1 Survey Design

To examine whether past instances of plagiarism are associated with long-term personality
traits — including current levels of integrity — we conducted an incentivized survey in
collaboration with a research institute in China during its recruitment process. The institute
was hiring legal professionals for a senior product manager role focused on developing large
language models for legal applications. The primary responsibilities of these positions included
participating in or leading legal research teams and collaborating with technical teams on the
development of legal artificial intelligence systems.

Applicants were required to hold a master’s degree or higher and were recommended to
have at least 3-5 years of relevant work experience. Preference was given to candidates with
experience in judicial organs, government agencies, law firms, corporate legal departments,
legal technology companies, or academic research institutes. As part of the application process,
candidates were asked to upload their master’s or doctoral dissertations for evaluation of their
research abilities, which we later used to detect instances of pre-graduation plagiarism.

After completing their basic information online, applicants were invited to participate
in a questionnaire designed to measure their personality traits. They were informed that
participation was entirely voluntary and that their responses would remain strictly confidential,
used solely for academic research, and would neither be shared with the hiring firm nor affect
their application outcomes.

In the survey, we elicited applicants’ honesty levels along with other personality traits,
such as openness, conscientiousness, extraversion, agreeableness, and neuroticism. Below, we

reproduce the full survey module with English translations.

D.2 Questionnaire

This section details the questions asked to respondents to elicit their personal traits. For each

question, the original Chinese text is provided, followed by its English translation.

L. JRIBRIA: L5 ST, BOA R 0% B GEfE S A A
English: When communicating with others, which approach do you think better promotes

effective communication?

label= A. FRIEXI 7 0SSR EE B S HIFRIA T3

A. Adjusting my expression based on the other person’s feedback.
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label= B. 'BFHF B AIEMS 5E 8.

B. Adhering to the clarity and completeness of the information.

CRIERE: EYREE L, B RIFTEEEE BT H FiEE?
English: In terms of managing items, which practice do you find more helpful for daily

operations?

label= A. F TAEM a5 D A1 7 B L.

A. Storing work supplies and personal items separately.

label=B. R 4 i 5 Ao A7 i LASE e BOH (R S

B. Storing frequently used items together to improve accessibility.

RIS R TR I E IR R T RS IE T, A FIR AP A
English: Regarding reimbursement for small transport costs during business trips, which

approach do you agree with more?

label= A. " F&# LR BRI GRUETIRG, RS —EH TR AITE -

A. Strictly reimburse according to actual spending, ensuring documentation for

every item.

label= B. ZEARIFLEMREN, F—EA5RBERMNTELSR (k. A%)
HITEHEREIHR, & Mg rERE -

B. Within policy limits, reasonably bundling small expenses (e.g., subway, bus)

for reimbursement is acceptable.

CJRIRRE: TELG T RIS, A ATRRR T A B Y
English: When giving feedback to a colleague, which approach do you think is more

important?

label= A. fIeH X T HIESE, LISURHANE E 7 3\ 58 L

A. Prioritize the other’s feelings; offer encouraging, affirmative suggestions.

label= B. fL5E% RRIIAIEMWEE, HiEE MHTE I 7HE U0 Z AL

B. Prioritize clarity; directly and objectively point out needed improvements.

- JEIR R TR ERNL A B AR 2 AR A A LAY
English: For long-term career development, which do you consider the more fundamental

basis?

label= A. ™ ARIFFEER AN SHE T2

A. Personal continuous effort and skill improvement.
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label= B. FrbT LA INLIE 5 a5,

B. Opportunities and trends in the industry environment.

- TSR R BB I, Gt AR B AR B T Al R

English: When encountering a disagreement, which method do you think helps resolve it
best?

label= A. B FARIGHE FHILF 4.

A. Seek common ground through calm discussion.

label= B. 1B W5 Rl 4 UL BT L

B. Spark new ideas through clashes of viewpoints.

- JEIRTIR: Oy T HRIRAESS TR SE M0, SR e TR M A

English: To ensure tasks are finished on time, which approach do you prefer?

label= A. F& I E & & RPN ER AL H B H #5857

A. Set internal deadlines in advance and follow them strictly.

label= B. AT A R T VHHERS [R] 22 HE LLROGS SE PRt .

B. Flexibly adjust scheduling during execution.

CJRIARE: R T SRR AITZE, EEIARBEF T
English: Regarding dealing with different people, which approach do you agree with

more?

label= A. PRTF— BTV MRS, DAR WOl —E @I E1E.

A. Maintain a consistent communication style to build trust.

label= B. RIGEEE 5 3 L& RO 5 > 45
B. Flexibly adjust interaction style to the other’s habits.

JRIA R ERIA U, el R A

English: In team meetings, what is your usual role?

label= A. BARDZILA, B IREAOMERT BT

A. Actively share views to stimulate and clarify ideas.

label= B. JEECWTIIE, HAERMGVE RIEVLA.

B. Listen and observe first; speak after forming mature views.

B S HEE— R IE SN F RN, T

English: When evaluating a promising but uncertain proposal, which do you prefer?
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11.

12.

13.

14.

label= A. IRAIFPRIEPTETEENXEE, BRTRIGE.

A. Identify and assess all risks to ensure robustness.

label= B. JVEZCUMEFINL &, HESE A SEH4HTT.

B. Seize core opportunities and refine details as you go.

JRIGRE: R ETE PR —EHRATFRARIERER (i, —AFRFEERK
iR HRFEEEATTERR, a7
English: If you learn of positive but non-public company information (e.g., a colleague

may be promoted) and that colleague asks, what do you do?

label= A. FIRAEIFIL, FoREE TR .

A. Say you don’t know or cannot comment; adhere to confidentiality.

label= B. ZEANZE B RIFAIHE T 48 T FHREE 7.

B. Give some positive hints without revealing sources.

JRIa R & fEEE SRR ESS T, S ) TR R A
English: For repetitive tasks, which approach do you prefer?

label= A. F* IR MEENAT, BT
A. Follow established procedures strictly.

label= B. iR m & S LR

B. Identify improvements and optimize processes.

JRYG A = — D E I H S R A BARES, RS — MOl

English: When an important project faces an obstacle, what is your first reaction?

label= A. WAL SIMENL, MEF OFRMER.

A. Assess worst-case scenario to be prepared.

label= B. UM F—5 " H L HE— P ATHIR.
B. Quickly focus on the next step and find a feasible action.

JRIR IR JTin— R TAER, s T 207
English: Before starting the day, which prep do you prefer?

label= A. #lEFMY HitR] (FNAS52%) .
A. Make a detailed plan with times and steps.

label=B. 8| H 5 28 55 B SR I 1]
B. List key tasks and leave buffer time.
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15.

16.

17.

18.

19.

JRaG A KT HINEE, BN RIRAILE?
English: Regarding teamwork, which do you agree with?

label= A. HIPARIN R EARES TTHIEER.

A. Team success results from collective effort.

label= B. Bff > A\ TTRNE B TR 5 1774

B. Clear individual contributions help motivate and evaluate.

JEIG R RTESMLE, BT

English: Regarding unexpected opportunities, which is your preference?

label= A. ZEE&HEFHIE.

A. Carefully consider if the opportunity complies with norms.

label= B. [ EREAEF I H NS

B. Tend to seize opportunities that advance the project.

JESG RS SR T AL, G R & VA

English: Regarding rules and principles, which view do you agree with?

label= A. MNP SRCRER, R8T

A. Rules underpin fairness and efficiency and should be strictly followed.

label= B. AEAFEEHE N Al R % 22858 LUA & H AR

B. In some situations, rules can be flexibly adapted to achieve higher goals.

JESG RS SRR E R R & sl B L, SR

English: 1f a jointly authored report omits your name, how would you respond?

label=A. AN 5 15T \VHIEH TR AR

A. Privately communicate with the lead and seek remedy.

label= B. JEiSIEZEE (AERAFDEAERTT) BERIAIESEIFER.

B. Use formal channels (e.g., cc relevant parties) to resolve the issue.

T4 RIS A e s 3R A R H 45 RANEAR, (B2 anfT 2307

English: 1f your team’s output is subpar, how would you present it?

label= A. Z1H ZIPTH LR FF TR L

A. Present all data and an analysis of the issues.

label="B. FR1HFE & 8] 4R M.
B. Highlight strengths and briefly mention challenges.

A.23



20. JRIA AL HRIAERIE R E B A AANZ, G AL a2

English: If a famous author is accused of heavy borrowing, which view do you hold?

label= A. #JBERN AT EEFR (lihR) .

A. If true, this is serious plagiarism and should be publicly addressed.

label= B. A ST EETE AT WS HRT.

B. Responsible to clarify sources and honestly confront oversights.

label= C. ZEHEE, N5,

C. Literary borrowing exists; avoid rushing to label as plagiarism.

label= D. FAEMZXGE, HFARMEHE RGBT ERE.

D. If the work is impactful and popular, technical attribution is less central.

21. JRIGIAIE: X T RREEERBFEIR, b BRI
English: Regarding students paying others to take exams, which view do you hold?

label= A. BIFFAIERE, N b2
A. Clearly cheating; should be dealt with seriously.

label= B. BANZ, HEREERIAEELE.

B. Not acceptable, but sometimes occurs due to anxiety/necessity.

label= C. BB MG EE NS, AR,

C. Not surprising given institutional pressures.

label= D. S B2 B F B2

D. Reflect on the exam system rather than single incidents.

22. JRIAIAE: KT RGBS, S ] B 2

English: Regarding outsourcing thesis writing, which view do you hold?

label= A. 2EAR AN, R IRFHEH].

A. Academic misconduct; must be resisted.

label= B. A&, ERZ NHEENHHES.

B. Discouraged, but real pressures push people to it.

label= C. FURXHI R —MB A (L)

C. Mostly a coping response to formalities.

label= D. KEEZMA G, FAEEZ.

D. As long as one graduates, technical authorship matters less.

23. JRIAIRA: < TR RIRTE % Gl B R 5.2
English: Regarding allegations of design copying, which view do you hold?
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24.

25.

26.

27.

28.

label= A. ZHRKEMLIEIHTPE, NEAHETE.

A. Heavy similarity equals plagiarism; responsible.

label= B. {75 H QI F &ML, BNV -

B. Imitation vs. originality is fuzzy; firms should clarify.

label= C. fT\LNSEE R, HEEANAKER.

C. Industry often references each other; consumers less concerned.

label= D. FASMAEHEEE, [ROMERNM/]N.

D. Style and price matter more than originality to many consumers.

JRAG A S T RMIRE B, 5 (o] R A O .2

English: Regarding data falsification in research, which view do you hold?

label= A. BEEE" =, NMIBR.
A. Data fraud is serious and must be punished.
label= B. &Y, (HRIWIEFHRETEB KT
B. Wrong, but systemic pressures matter.
label= C. FELBEIHHR M, ARLENL.
C. Some data adjustments occupy a gray zone.
label= D. FANEMIN A, BORVEGSEA—TE KR
D. If results don’t affect applications, technical adjustments may be less problem-

atic.

JRIGRIRE: RGN AT (W3R~ 1F0F) W RAEFE 2

English: Receiving positive external evaluations (awards, praise) is important to me.
Scale: Strongly disagree — Strongly agree (5-point Likert).

JRIRRE: 5 FAT BRSO, BELa T RAR KRt/ -

English: Comparing myself with peers and coming out ahead gives me a strong sense of

achievement.

Scale: Strongly disagree — Strongly agree (5-point Likert).

JRIA R EEE SR SEEHRIARKS, HERFHRE, EEHRT R
English: If colleagues share an unauthorized software account and you need it, how likely
would you use it?

Scale: Very unlikely — Very likely (5-point).
JRIg R EERE RS — R e L LI B IR, AR R AT RENE?

English: Your supervisor suggests skipping a formal compliance registration to save time.
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29.

30.

31.

32.

33.

How likely would you comply?
Scale: No chance — Definitely (5-point).

[RGB AERELEER, B TEFIRER— 5 B CAREN %
IREERAIlDE SoNIE Ve

English: 1f no legal /disciplinary consequences, would you conceal an unfavorable fact for
yourself but beneficial to a client?

Scale: No chance — Definitely (5-point).

JREG I B Er B R, RS BB TAE T 2 K7
English: Over the past two weeks, how heavy was your perceived workload?

Scale: Not at all — Extremely (5-point stress scale).

JRIG R 7E 28U TAF H 45 RA, SEs2 BIRRs I THRERE B anfmr?
English: At the end of most workdays, how much energy do you feel you have expended?
Scale: Not at all — Extremely (5-point).

JREG R “REZBANEREASHINBERL T, SH T D AR mikiii. ”

English: “Most people would lie for personal gain if they were certain they would not be
caught.”

Scale: Strongly disagree — Strongly agree (5-point).

JRIG R ERIPATE A, B R TR OE sy, B HFE A -
English: In team projects, even if my contribution isn’t core I would accept shared
authorship.

Scale: Never — Very frequently (5-point frequency).

D.3 Dice Game for Measuring Honesty

To measure respondents’ honesty, we implemented a dice-rolling game with financial incentives.

The design ensures that individual reports cannot be verified, thus creating an opportunity

for dishonest reporting for personal gain.

The instructions presented to the participants were as follows:

515 (Introduction): Jy [ G EFERAIR AIBHIES , Fofl PROE I A8 € /Y 77 2 1A]
BRI —EI K - RRERUR PR T BI25 R E - FAT LUE AR T 3R RO R
BT, B E ORISR, AiEssE LT TR (RERS)
SERCHLERTT o

English Translation: To thank you for completing this survey, we will issue you a

cash reward through a method of your choice. The reward amount will be determined by
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the outcome of dice rolls. You may use the virtual dice provided on this page, your own

physical dice, or any online dice-rolling tool (like a WeChat emoji) to complete this part.
o KN (Reward Rules):

— BIQIRIRY: FHH—1e6”, BCRIR1G5TT a2 -
First 9 rolls: For each "6" you roll, you will receive a § RMB cash reward.
— 1ok (&E—K) #ER: WmEHHL 6", TRRE20TT B -
The 10th (final) roll: If you roll a "6", you will receive a 20 RMB cash reward.

o BEAMELRIUE(Anonymity Guarantee): NIFREZAFIENME, RGHASI0FRET
BEEE R R . RAKETRBURT A N TS RIZER -
English Translation: To ensure effective anonymity, the system will never record
or monitor your individual dice roll results. The final bonus depends entirely on the

results you report below.

After the rolling phase, participants were asked to self-report their results using the

following two questions:

1. FERFOIRIPEL T, —IigR B JLIK“67? (In the first 9 rolls, how many "6"s did you

record in total?)

2. ZEFI10IR (FE—IK) i, EEEHH T“6”? (In the 10th (final) roll, did you
roll a "6"?7)

The total reward was calculated based on these self-reported answers. The difference between
the reported outcomes and the statistically expected outcomes serves as our proxy for potential

dishonesty.

D.4 Mapping Survey Questions to Measured Traits

The following table links each survey question to the psychological or behavioral trait it is

designed to measure, using the question numbers from Section D.2.

Question Measured Trait Description

Number(s)

Dice game Honesty (Behavioral / Re- Incentivized, unverifiable reporting task; the
vealed) deviation of reported outcome from statistical

expectation measures dishonest reporting.
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Question Measured Trait Description
Number(s)
3 Situational Expense (Hon- Tolerance for bundling/over-claiming small
esty Belief) expenses; measuring context-dependent finan-
cial honesty.
11 Situational Leak (Honesty Likelihood to disclose non-public company in-
Belief) formation when asked; capturing conditional
respect for confidentiality.
22 Thesis Ghostwriter (Hon- Attitude toward outsourcing thesis writing
esty Belief) (academic integrity).
21 Exam Cheating (Honesty Attitude toward paying others to take exams

(academic integrity).

20, 23, 24, 27,28,
29

Belief)
Honesty (Attitudinal /
Propensity)

Items about using an unauthorized software
account, complying with supervisor to skip
formality, concealing client-related facts (if
no sanction), and accepting joint authorship;
measuring willingness to break rules for pri-

vate gain.

2,7, 12, 14

Conscientiousness / Time

Management / Orderliness

Items about separating work/personal items
(2), setting internal deadlines (7), strict pri-
oritization on multiple tasks (12), and daily
planning (14) ; measuring conscientiousness

(orderliness/time management).

Extraversion

Active sharing in meetings vs. quiet re-
flection; measuring extraversion (sociabil-

ity /verbality).

4, 15

Agreeableness / Coopera-

tion

Prioritizing others’ feelings and teamwork ori-
entation; measuring agreeableness and coop-

erativeness.

15, 13

Openness to Experience

Preference for seizing opportunities, integrat-
ing alternative perspectives, and valuing novel
ideas; measuring openness and cognitive flex-
ibility.
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Question
Number(s)

Measured Trait

Description

14 , 17

Opportunism

Emphasizing positives rather than full disclo-
sure indicates opportunistic presentation (a
form of impression management); Frequency
of accepting joint authorship when contribu-
tion is marginal; measuring willingness to

accept credit opportunistically.

Rule adherence / Flexibil-
ity

Preference for strict execution vs. optimizing
processes; measuring captures rule-following
vs. pragmatic flexibility. (It also relates to

conscientiousness).

13

Neuroticism / Stress Reac-

tivity

Perceived workload and energy depletion;
measuring stress and emotional reactivity

(neuroticism/emotional stability).

Locus of Control

Item on long-term career basis (personal ef-
fort vs. industry opportunities); measuring

internal vs. external locus of control.

Self-Monitoring

Preference to adapt one’s communication to

others (flexibility); measuring self-monitoring.

10, 13

Risk Preference

Choices about evaluating uncertain proposals
and accepting opportunities; measuring risk-

seeking vs. cautious orientation.

25, 26

Achievement Motivation

Items about external praise (awards) and peer
comparison; measuring achievement motiva-

tion / competitiveness.

Table A.9: Mapping Survey Questions to Measured Traits and Honesty Beliefs
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E CJO Data

China Judgment Online (CJO) is the official publication platform for court decisions in China.
While the publicized documents are widely considered authentic and reliable, a potential
concern with the CJO is missing data — some judgment files are excluded without justification.
This occurs for two main reasons: (1) in its early years, local courts may not have uploaded
all cases (Ahl et al., 2019; Liebman et al., 2020); and (2) in 2021, the CJO reportedly removed
a batch of “politically sensitive” criminal cases. However, these omissions are unlikely to affect
the analysis in this paper, which focuses on civil and administrative cases.

The deletion issue primarily affects criminal cases, as reported by various media outlets'.
For civil cases, particularly contract disputes, the missing rate is significantly lower. We
cross-validated our data with national-level aggregate case numbers from the China Statistical
Yearbooks (2015-2021) published by the National Bureau of Statistics. Appendix Figure A.7
shows that, as local courts improved their capacity to digitize case files, the missing rate for
civil lawsuits fell below 10% in recent years.? A substantial portion of missing files likely
pertains to exempted cases involving privacy or juveniles, leaving limited scope for strategic
case omissions.® Moreover, since 2018, we have been collecting CJO data daily, ensuring that
cases deleted after publication, including the batch removed in 2021, remain in our sample.

The CJO is required to disclose the full universe of court verdicts, but disputes settled
outside of court are not captured in this data. China’s settlement rate is far lower than that

of the U.S., largely because litigation costs are significantly lower.

thttps://www.rfa.org/mandarin /yataibaodao/renquanfazhi/ql-07162021074351.html

2Many missing cases documented in earlier studies were backlogs caused by capacity constraints. These
files were later digitized and added to the CJO. For example, Liebman et al. (2020) reported 45% of criminal
judgment files missing in 2014; as of 2022, 60% of these have been added to the website and are included in
our sample. Early digitization efforts became a key performance indicator (KPI) for local judges, incentivizing
the resolution of backlogs.

3These missing rates align with alternative calculations based on gaps in case reference IDs, which follow a
consecutive numbering system.
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Figure A.7: Missing Rate of First Instance Court Decisions

Notes: This figure shows the missing rate of first-instance court decisions over time. Following
the methodology of Liu et al. (2023b), the official number of first-instance civil cases is
taken from the China Statistical Yearbook (2015-2021), published by the National Bureau of
Statistics. The corresponding figures from our dataset are based on cases tried between 2014
and 2020 and released on China Judgments Online before August 2022.

A31



F Promotion and Corruption of Public Officials

F.1 Promotion

F.1.1 Sources of Data

To study the intensive margin of political selection, we construct a panel dataset on the career
trajectories of public officials by tracking promotions using two types of publicly available
information, as illustrated in Figure A.8. The first source is formal, legally mandated promotion
announcements (B 71/A7R), an example of which is shown in Panel (a). These notices provide
details of personnel appointments (1£) and promotions (i 71), such as promoting an official
to “First Level Principal Staff Member” (—#¢ 4R} ). The second source is news reports
published on official government websites and WeChat accounts. As shown in Panel (b),
promotions are often revealed by the appearance of an official’s new title in coverage of their
work.

We systematically search for officials by name, scrape their data from these sources, and
parse text to extract their titles. By combining formal notices with text-based tracking, we
build a detailed record of career progression. This allows us to measure promotion status and

examine its correlation with an individual’s pre-career plagiarism score.

(a) Example of a Formal Promotion Notice (b) Example of News coverage

Figure A.8: Sources for Tracking Career Progression

F.1.2 Mapping Official Titles to Rankings

The core challenge in classifying an official’s rank from text is that a title like “Director”

can correspond to different levels depending on the administrative context. To address this
challenge, we combine keyword identification with contextual analysis to systematically map

titles to the official ranking system.
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Step 1: Create a Keyword Dictionary for Titles The civil service system uses two

parallel hierarchies: Leadership Positions (BR55/Z{KX) and non-leadership Ranks (§A%%). We
first identify keywords for both.

A. Leadership Position (H155) Keywords These are traditional titles indicating a

managerial role.

Common Title (P8 Formal Level (J155/21X) English Equivalent
id)

CIRNYBERIS JT /@2 IERR Director-General / Department
Head

glElk / BlREK JT Ri2f il 3R Deputy Director-General

k) Bk /KK B AR EER Division Chief / County Magis-
trate

RGOS NA=IRE RS B A2 EIJHA Deputy Division Chief

BH /K 2 RHRIEER Section Chief / Township Head

gk / BlEEK 2 B EIER Deputy Section Chief

B. Rank (HiZf) Keywords These non-leadership titles map directly to a level and are

less context-dependent.

Rank Title (HA%%) English Equivalent

— 2 ) AR Inspector  (First/Second
Class)

— RGBT 5] Investigator (First to Fourth
Class)

— KB ILKFIERIA Principal Staff Member
(First to Fourth Class)

— ) IR Staff Member (First/Second
Class)

Step 2: Identify the Government’s Administrative Level The rank of a leadership
title is determined by the level of the government unit. An official’s work unit must be classified

into one of these tiers:

pi

1. National / Central Level (e.g., IR & B EZ R Z)

2. Provincial / Ministerial Level (e.g., |~ A& A REUF)
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3. Prefectural / Department Level (e.g., R T T W B &)
4. County / Division Level

5. Township / Section Level

Step 3: Apply the Mapping Logic

1. If a Rank (BRZX) title is present, use it directly. For example, a mention of a “ .
AL (Inspector Second Class) maps directly to numerical levels 15 to 10.

2. If only a Leadership Position (J155) title is present, combine it with the
administrative level. For examples:
« A Tl (Director) in a National ministry is a /T JRZXIERR (Department Head).

« A b (Division Chief) in a Provincial department is a 2402 IEHR (County
Head Level).

Step 4: Convert Level Range to a Single Score The official sources provide a numerical
range for each rank (Level 27 is lowest, Level 1 is highest). For analysis, we convert this range
to a single number, typically the midpoint or the minimum level (the higher number, which

represents the entry-point for that rank).

Example Application

o Input Text: “FEZFRAZMZEHEMF]F K..” (Director of the Basic Infrastructure Depart-
ment at the NDRC...)

« Step 1 (Keyword): The title is F]4& (Director).

« Step 2 (Admin Level): The unit is EZX &AM Z (NDRC), a National/Central

ministry.

« Step 3 (Mapping): A F]K at the national level corresponds to JT R4 IEHR (Depart-
ment Head Level).

o Step 4 (Scoring): This rank corresponds to numerical levels 13 to 8. Using the
midpoint, the score is (13 + 8)/2 = 10.5.
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F.2 Corruption

To provide corroborating evidence that our plagiarism measure captures a propensity for
real-world misconduct, we construct a dataset of judges who faced disciplinary actions or
corruption investigations. We collect this data from public bulletins on the official websites of
China’s anti-corruption bodies, namely the Commissions for Discipline Inspection (CDI) and
the Supervisory Commissions at the provincial and municipal levels.

These public announcements come in two primary forms, as illustrated in Figure A.9.

First, as shown in Panel (a), local disciplinary committees issue brief, formal notices
announcing that an official is under investigation. This example from the Huangshi City
Commission for Discipline Inspection states that a specific court official is "undergoing
disciplinary review and supervisory investigation" for "suspected serious violations of discipline
and law".

Second, as shown in Panel (b), the Central Commission for Discipline Inspection (CCDI)’s
official newspaper often publishes detailed follow-up articles and case profiles after an investi-
gation is concluded. This example profiles a judge who was tried for corruption, explicitly
mentioning he was expelled from the party and public office for taking bribes.

By collecting these records and matching the names of the officials to the judges in our
main dataset, we create a binary indicator for whether a judge was ever the subject of a formal
corruption investigation. We use this as a key outcome variable to validate that a pre-career

history of academic dishonesty is a significant predictor of high-stakes professional misconduct.

(a) Example of a Formal Investigation Notice  (b) Example of a Detailed Case Profile from the
from a Municipal Disciplinary Committee. CCDTI’s Official Newspaper.

Figure A.9: Sources for Data on Judicial Corruption Investigations
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